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Abstract
Telemedicine can expand access to health care at relatively low cost. Historically,
however, demand for telemedicine has remained low. Using administrative records
and a difference-in-differences methodology, we estimate the change in demand for
telemedicine experienced after the onset of the COVID-19 epidemic and the imposition
of mobility restrictions. We find a 233 percent increase in the number of telemedicine
calls and a 342 percent increase in calls resulting in a medication being prescribed. The
effects were mostly driven by older individuals with pre-existing conditions who used
the service for internal medicine consultations. The demand for telemedicine remains
high even after mobility restrictions were relaxed, which is consistent with telemedicine
being an experience good. These results are a proof of concept for policymakers willing
to expand access to healthcare using advances in technology.
JEL: I11, I15, P36
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Introduction

Telemedicine can be a powerful tool to expand the delivery of health care services at a relatively low cost (Bashshur, 1995; Ekeland et al., 2010). Even though technological innovations
have permitted the expansion of telemedicine in recent years (Pandian, 2016), demand has
remained low (Wootton, 2008; Zanaboni and Wootton, 2012).1 In this paper, we exploit the
restrictions imposed by the COVID-19 pandemic to show the existence of a large potential
demand for telemedicine services in a middle-income developing country.
We rely on administrative records from one of the largest providers of telemedicine in
Argentina to build a panel data set that includes the records of all calls received during the
first ten months of 2019 and 2020. We use an event study and a difference-in-differences
methodology to estimate the change in demand for telemedicine that happened after the
onset of the COVID-19 epidemic. We show that the use of telemedicine, as captured by
the total number of calls and calls from first-time callers, increased 233 and 226 percent,
respectively. The largest effect was observed on calls resulting in prescriptions, which experienced an increase of 342 percent. There was also an increase in resolved consultations (of
244 percent) and in calls referred to another specialist (184 percent). The effects were driven
mostly by older individuals with pre-existing conditions who used telemedicine for internal
medicine consultations. As mobility started to increase, we find the use of telemedicine declined slightly, but not quickly enough to converge to the pre-pandemic period. A 1 percent
increase in mobility resulted in half of a percent decrease in the use of telemedicine. We take
this as evidence that the upward shift in demand is likely permanent.2
There are several reasons why people may resist the use of new technologies such as
telemedicine (Broens et al., 2007). First, there could be a general mistrust or lack of infor1
For example, in the case of one of the main providers of telemedicine in Argentina, in 2019 telemedicine
was used by less than 5% of those to whom the provider had granted access.
2
Our results are consistent with survey evidence from developed countries. A survey of more than
2,700 patients conducted by Accenture across China, France, Germany, Japan, the United Kingdom and the
United States showed that about 60 percent said that they want to keep using the technology based on their
experience with it during the pandemic (Accenture (2020)).
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mation from patients and health professionals about the effectiveness of telemedicine (Mair
et al., 2007). In addition, there are real, if small, inconvenience factors, such as having to
download and set up the technology, that could discourage or trigger procrastination (Baicker
et al., 2012; Bertrand et al., 2004; Kremer et al., 2019; Madrian, 2014; Rice, 2013). Individuals also may not download the applications required to use telemedicine services because of
present bias, which makes them undervalue the future gains of having the application ready
when they are sick (Kang and Ikeda, 2016; Kremer et al., 2019; Linnemayr and Stecher, 2015;
Madrian, 2014; Williams et al., 2018). This can be particularly problematic if they also have
optimism bias, which leads them to underestimate the probability that negative events will
happen to them, or if they worry that using telemedicine could jeopardize having access to
in-person visits later on (loss aversion) (Kahneman et al., 1991). These biases build on a
reticence by consumers to move from a known status quo to newer alternatives (Hartman
et al., 1991; Kahneman et al., 1991; Rice, 2013; Suri et al., 2013; Tsai et al., 2019; Zhang
et al., 2017). Since telemedicine first emerged more than 20 years ago, the rapid evolution
and widespread adoption of technological advancements have not been enough to attenuate
many of these factors and behavioral constraints. This has been the case in spite of sustained efforts by providers to inform the public and ensure high quality and reliability of the
service. This is not unique to telemedicine; it is also the case, for example with sustainable
energy technologies (Urpelainen and Yoon, 2017). However, an external shock such as the
temporary unavailability of in-person medicine could change the status quo by reducing the
incidence of some of these biases and making patients test the service, as is the case with
other experience goods (Sunstein, 2019).3
By showing that demand increased dramatically after the onset of the COVID-19 epi3

Health care goods in general are characterized as “credence goods” because the consumer does not
obtain full information about the quality of the service even after purchase (Dulleck et al., 2011; Emons,
1997). The objective of telemedicine is not to change the course of treatment, but to provide an alternative
method of delivering health care. As such, telemedicine can be characterized as an “experience good,” i.e.,
one that can be accurately evaluated -and compared to its substitute, in-person visits- only after the product
has been purchased and experienced (Andersen and Philipsen, 1998). As purchases of these goods increase,
markets tend to converge to the full information equilibrium (Riordan, 1986).
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demic, our results contribute to the large literature that analyzes the determinants of demand
for health care. More specifically, this paper contributes to the strand of the literature that
studies how demand for new health care services is affected by factors such as service price
(Berman and Fenaughty, 2005), beliefs and social norms (Cranen et al., 2011), education and
household wealth (Chunara et al., 2020). We conjecture that the epidemic, by restricting
access to traditional in-person visits, induced consumers to overcome behavioral constraints
and use telemedicine for the first time. This experience with the service seems to have led
to a new equilibrium of higher demand, which adds evidence to the literature on experience
goods and the adoption of new technologies (Sunstein, 2019).
Our results also contribute to the new and expanding literature on the effects of the
COVID-19 crisis on the demand for services including online education (Ikeda and Yamaguchi, 2020), online retailers (Farrell et al., 2020), child care (Ali et al., 2020), and public
transportation (Tirachini and Cats, 2020).
From a public health point of view, the importance of telemedicine as ”forward triage”
to sort patients before they arrive at the hospital has been of paramount importance during
the pandemic. Telemedicine allows patients to be efficiently screened and directed to the
most suitable health care provider, which effectively increases the capacity of the health care
system (Hollander and Carr, 2020), and to isolate those who may be infected by the virus.
Our paper also shows that telemedicine, when properly deployed and scaled up, can be relied
upon as an important tool for public health management.
This paper is organized as follows. Section 2 reviews the literature on cost and benefits
of telemedicine. Section 3 describes the setting in which the increase in the demand for
telemedicine services took place. Section 4 shows how mobility declined in Argentina during
the COVID-19 crisis. Section 5 specifies the empirical strategy and the data used in the
analysis. Section 6 presents the results, and Section 7 concludes.

3
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Costs and Benefits of Telemedicine

The term telemedicine is currently used to describe the provision of health care services remotely, by means of a variety of telecommunication tools including telephones, smartphones,
and mobile devices, with or without a video connection (Dorsey and Topol, 2016). In recent
years, the use of telemedicine has gained momentum, primarily because of the perceived
potential to better distribute and control the use of medical services, which would lead to
improvements in timeliness of delivery and, hence, in the overall quality of health care.4 Indeed, telemedicine has been proven to increase the accessibility of health services, as well as
reduce travel time and related opportunity costs in the process of obtaining care (Bashshur,
1995). From war veterans to patients in rural areas, telehealth provides an alternative to
traditional healthcare that lowers the time and cost of receiving service (Jacobs et al., 2019;
Sabesan et al., 2012). In addition, there is evidence that telemedicine is successful in reducing the need for ambulance transport, which could provide relief to the overcrowded
healthcare system (Langabeer et al., 2016). Telemedicine can also increase the diversity of
care to which an individual has access. As an example, for indigenous groups, telemedicine
provides an option that reduces the burden of travel and dislocation from community and
family (Caffery et al., 2018).
The effectiveness of telemedicine depends greatly on where it is being deployed. A
scoping review of the use of telemedicine concluded that, when comparing the effectiveness
of electronic and face-to-face consultations, the evidence shows ambiguous results (Caffery
et al., 2016; Roine et al., 2001). Replacing traditional face-to-face patient care can potentially
result in a breakdown of the traditional relationship between health professional and patient,
caused by the potential depersonalization of the service (Hjelm, 2005). Evidence shows,
however, that this idea of service depersonalization might be a misconception. In practice,
reported quality and satisfaction levels of patients who use telemedicine are overwhelmingly
4

As the use of new communication technologies expanded in the late 1990s, telemedicine was implemented
for patients with acute traumas and stroke (Levine Steven R. and Gorman Mark, 1999).
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positive (Jacobs et al., 2019; Kruse et al., 2017; Polinski et al., 2016). For many patients,
electronic consultations were preferred for convenience and travel time (Donelan et al., 2019).
In spite of this, there is still a reluctance on the part of patients to increase their use of
telemedicine (Wootton, 2008).
It is also important to recognize other practical costs that telemedicine presents. With
the adoption of telemedicine as a cheaper and more convenient alternative, there is the potential for excess health care utilization (Ashwood et al., 2017; Bavafa et al., 2018). That is,
there is still the open question if the overall increase in demand that could result from the
surge of telemedicine would serve a previously unmet need for healthcare or if, on the contrary, it would produce an overuse of health care services. Another concern is the possibility
of over-prescription (Sprecher and Finkelstein, 2019). Similarly, legal and reimbursement
issues could arise from limited or fragmented health care coverage through telemedicine services (Dorsey and Topol, 2016). The solution to these problems relies on the existence of
a legal framework that appropriately regulates the use of telemedicine within the broader
healthcare system.
In spite of these limitations, the health care community has encouraged the shift from
an in-person care model to a model of virtual care (Duffy and Lee, 2018). The COVID-19
crisis highlighted the need for an easily deployable, mobility-reducing, and low-cost alternative to deliver care, especially to more at-risk populations. The pandemic rapidly increased
the perceived benefits of telemedicine and lowered its costs. Moreover, high mobility restrictions imposed by governments pushed individuals to experience telemedicine first-hand,
which reduced the barriers associated with experience goods and made more patients find
telemedicine a suitable substitute for in-person care (Accenture, 2020).

5
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Telemedicine in Argentina

Before the onset of the COVID-19 pandemic, the government of Argentina had already
recognized the use of telemedicine as one of the three main pillars of its strategy to ensure
universal health coverage. In 2019, the government launched its digital health strategy,
which included among its goals the expansion of telemedicine as a tool to provide health
services to geographically remote populations, improving accessibility, reducing the need for
medical-related transportation, and compensating for regional differences in access to health
care (Gobierno de Argentina, 2019). Naturally, once the COVID-19 pandemic lockdown had
begun, the government encouraged private health insurance providers to foster the use of
telemedicine (Superintendencia de Servicios de Salud, 2020). At the onset of the pandemic,
two providers of telemedicine services covered most of the market. One such providers was
“Llamando al Doctor” (or “Call your Doctor”) which offered services to health care providers,
insurance companies, and individual patients all across the country.5 At the time, the firm
employed 108 doctors covering 11 medical specialties, including general medicine, pediatrics
and gynecology, and obstetrics.
Patients access the service primarily through a mobile phone application, where they are
asked a series of screening questions: the medical specialty they require, the reason for their
consultation, and any previous conditions they may have. Following the screening questions,
they proceed to the online consultation with a physician through a video call. Each video
call can result in one of three different outcomes. The first and most common is when the
doctor is able to resolve the patient’s issue during the online consultation (this is the case for
67 percent of the calls in 2019). In some of these calls, patients were prescribed a medicine
(9 percent of the overall calls). A second outcome is a recommendation of a follow-up call
(8 percent of the calls). A third outcome of the video call could be that the doctor refers
the patient to an in-person visit (11 percent of the calls).6
5

The other provider of telemedicine in Argentina is called Doc24.
In about 14 percent of calls, the call is disconnected or the video call does not take place for technical
issues.
6

6

Each call produces a log that registers the patient’s gender, age, and specialty requested
as well as a description of the reason for and diagnosis of the call. This article relies on these
anonymized administrative data to generate a time series database that tracks the behavior
of telemedicine demand for the years 2019 and 2020 (up to October 31). Table 1 provides
some descriptive statistics for 2019, when the telemedicine service received a total of 10,340
calls. Patients were relatively young (30 years old on average) and more likely to be women
(57%). General medicine leads the share of consultations, followed closely by pediatrics.
Table 1: Telemedicine Service: Descriptive Statistics

Call Resolution

Medical Specialty
Demographics

Resolved
Prescription
Follow-up
Derived
General Medicine
Ob/Gyn
Pediatrics
Age
Male
Previously Diagnosed

Average
S.D
67% 47%
9% 30%
8% 28%
11% 31%
44% 50%
19% 39%
37% 48%
30
15
43% 50%
25 % 43 %

Source: Author’s calculations using administrative data from “Llamando al Doctor”.

4

Mobility during the COVID-19 Crisis

As a consequence of the COVID-19 epidemic, governments around the world enacted policies
and measures in an attempt to contain the ongoing pandemic. These extraordinary measures
included containment and closure, economic relief, and investment in the health system, in
an effort to contain the propagation of the virus and minimize the direct economic losses
product of the pandemic and the indirect losses produced by mobility restrictions (Hale
et al., 2020b). The timing and severity of the policies implemented were summarized in a
Stringency Index published by the University of Oxford.7
7

The Stringency Index is a composite index that looks at nine containment, closure, and health systemrelated policies a government could take in face of the COVID-19 pandemic. This index ranges from 0 to
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In the case of Argentina, the government started applying containment measures starting March 15, when schools were ordered to close. Three days later the government issued a
formal stay-at-home order, which was strictly enforced. By March 22, the government had
also placed restrictions on public transportation. The Stringency Index rapidly reached 100
by March 23, when the country reported the first four confirmed deaths by COVID-19 (Hale
et al., 2020a). The government’s fast and stringent response placed Argentina amongst the
countries with the strictest lockdowns in the region.8
To quantify how much the demand for telemedicine changed as a result of the lockdown measures, we need to establish a date on which both the lockdown measures and the
pandemic itself (prompting people to self-isolate) actually affected behaviors. We rely on
publicly available data to build indicators of mobility. The first two indicators come from the
Apple Mobility Trends Report, which keeps track of driving and walking directions requested
by Apple users (Apple, 2020). The information shows the relative volume of directions requested to the baseline volume in January 2020. A third indicator comes from Moovit, a
company that provides a daily report of the relative use of the Moovit mobile application
for public transit compared to the use in the week prior to January 15, 2020 (Moovit, 2020).
Fourth, Waze’s user base provides information about commuting behavior. By combining
information from users in an area, Waze is able to identify whether at any given geographic
point traffic is slowing down with respect to a “no congestion scenario.” These data are
used to calculate the traffic congestion intensity index, which provides an indication of how
congested roads are by summarizing the extent of traffic jams in the street network and their
duration (Inter-American Development Bank, 2020). This last indicator takes as a baseline
the week of March 2-8 (Inter-American Development Bank and IDB Invest, 2020). The
congestion data were gathered from the IDB’s Coronavirus Impact Dashboard.
100, with 0 being no measures taken and 100 being all nine measures taken in their strictest version (Hale
et al., 2020a)
8
For context, other countries in the region like Colombia reached a Stringency Index of 90.74 on March
27 with 243 confirmed deaths; Brazil reached an Index of 81 by May 5 with 7,321 confirmed deaths and
Chile reached an Index of 78.24 by May 15 with 358 confirmed deaths. The only other countries in the Latin
American region that recorded a Stringency Index of 100 are Honduras and Cuba (Hale et al., 2020a).
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Figure 1: Mobility Indicators in Argentina
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Congestion data were gathered from the IDB’s Coronavirus Impact Dashboard, driving and
walking data were obtained from Apple’s mobility trend report, and public transit data were
obtained from Moovit public transit indexes.

Figure 1 shows that the four indicators of mobility experienced a sharp decline around
March 13-15, 2020. As such, we consider March 13 as the starting date on which mobility
dropped. Even though many of the measures limiting mobility remained in place for months
to come, walking and driving started to slowly and steadily increase over time, as shown
in the figure. The use of public transportation, however, remained depressed throughout
the lockdown period. By the end of the year, people were still moving less than in the

9

pre-pandemic months, according to these indicators.9

5

Empirical Strategy

We use administrative records from “Llamando al Doctor” to construct a panel data set with
the records of all calls received for the period January 1 through October 31, for the years
2019 and 2020. These data allow us to analyze changes in the volume of daily calls received
and in the daily number of first-time callers. We are also able to observe the outcome
of these telemedicine consultations: whether they were resolved, required a follow-up, or
referred to another specialist. In addition, we also observe if calls resulted in the issuance
of prescriptions, which is an important outcome in determining whether telemedicine could
increase the use of medications.
Given the nature and content of the data, we can estimate the effect of the lockdown
associated with the COVID-19 epidemic on the demand for telemedicine using an event
study and a difference-in-difference methodology (similar to Leslie and Wilson (2020)). We
define the onset of the epidemic (i.e., our ”treatment” date) as occcurring in the eleventh
week of the year.10 A simple before and after comparison would not account for possible
seasonal changes in demand for telemedicine. Thus, we compare outcome variables before
social distancing began relative to their levels on the same date in the previous year of 2019.
We begin by estimating an event study model based on the following equation:

Yd,year =

43
X

βτ × (W eekτ )d × Y ear2020year + αyear + γweek + δdow + d,year

(1)

τ =0

where Yd,year is the outcome variable measured in day d of each year, (W eekτ )d is an
9

These indicators could be underestimating the true increase in mobility because changes in mobility
patterns that have occurred with the pandemic. For example, people have increased their purchases close to
their home, which some indicators would not capture (Pan et al., 2020)
10
Because mobility declined abruptly on March 13-15, we define a week to be a seven-day period starting
on each Thursday so that week 11 is the period from March 12 to March 18.

10

indicator variable for the number of week in the year and Y ear2020year is an indicator for
dates during the year 2020. The coefficient βτ estimates weekly changes in the outcomes for
the period of January 1 to October 31, relative to the outcome variable in 2019. The term
αyear captures a year fixed effect which controls for possible trends, γweek captures week fixed
effects controlling for seasonal trends and δdow controls for any day-of-week differences in the
volume of calls received.
We also estimate average treatment effects according to the following difference-indifferences model:

Yd,year = βP ostd × Y ear2020year + P ostd + αy + γweek + δdow + d,year

(2)

where P ostd term is a binary variable that indicates whether the day is during or after
week 11 of the year. In this model, the β coefficient captures the average change in the
outcome variable after social distancing began, relative to the same period in 2019. One key
assumption of our difference-in-difference specification is that, prior to social distancing, the
outcome variable in both years followed the same trend.11

6

Results

We start by plotting the coefficients βτ and the 95 percent confidence intervals from our eventstudy specification described in equation (1). Figure 2 shows the results for two outcomes:
the log of the number of daily calls (panel A) and log of first-time callers (panel B). In both
figures we overlay the times series of mobility measured as the average of the series shown
in Figure (1).
The coefficients for the number of daily calls and first-time callers follow a flat pre-trend
before week 11, suggesting that the parallel trend assumption is valid for all our outcomes
of interest. Note, however, that the point estimates are positive, which is consistent with a
11

Notice that the estimated parameters measure the effect of the Covid-19 crisis on the demand for
telemedicine from one major provider. They do not capture the effects on other suppliers.

11

secular increase in the use of telemedicine before the pandemic crisis unfolded. By week 11,
when social distancing began and mobility dropped, the estimates for the daily number of
calls and first-time callers rises substantially. After that week, there is an upward trend that
reaches a maximum by week 16. As mobility slowly started to converge to the pre-lockdown
values we observe a mild decrease in the point estimates, which remain persistently higher
than before the pandemic. These results point to an increasing demand for telemedicine that
extends to the months after social distancing began to fall, which suggests that the effects
of the pandemic on the adoption and use of telemedicine could persist in the longer term.

Figure 2: Treatment Effects: Event-study Analysis
(b) Effects on log(first time callers)

(a) Effects on log(number of calls)
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and confidence intervals. Source: Authors’ calculations using administrative data from
“Llamando al Doctor.”

Table 2 provides a summary of the results obtained with the difference-in-differences
model described in equation 2. The increase in calls and first-time callers in the months
after the pandemic was 233 and 226 percent, respectively. The effect of social distancing
is not uniform across call resolution outcomes. The largest effect was observed on calls
12

resulting in prescriptions, which experienced an increase of 342 percent. There was also
a large increase in calls that required some type of follow-up (314 percent). In addition,
the increase in resolved consultations (of 244 percent) was larger than the increase in calls
referred to another specialist, which saw an increase of only 184 percent.

Table 2: Impact of Social Distancing in Telemedicine Demand
Main Effects

Post
PostxYear2020
N
Adjusted R2

Call Resolution

Calls

First-Time
Callers

Resolved

Prescription

FollowUp

Derived

0.501∗∗∗
(0.069)
2.327∗∗∗
(0.074)
568
0.995

0.503∗∗∗
(0.071)
2.258∗∗∗
(0.077)
568
0.993

0.420∗∗∗
(0.071)
2.442∗∗∗
(0.077)
568
0.994

0.128
(0.111)
3.422∗∗∗
(0.120)
568
0.981

0.299∗∗
(0.125)
3.144∗∗∗
(0.136)
568
0.963

−0.147
(0.097)
1.841∗∗∗
(0.105)
568
0.970

Note: Each column presents the results of the difference-in-differences specification for a different
dependent variable, following equation 2. ∗∗∗ p < .01; ∗∗ p < .05; ∗ p < .1
Source: Authors’ calculations

Heterogeneity.– We next explore which types of patients were more prone to make the
shift towards telemedicine. To that end, we calculated the estimates of the coefficients
on P ostd × Y ear2020 from equation (2) for different subgroups. Estimates of effects and
confidence intervals are presented in Figure 3. The specialty with the greatest increase in
demand was general or family medicine, which experienced an increase of 281 percent in
the number of daily calls. Older patients increased the demand for telemedicine more than
younger patients: the group 55-65 years old increased the use of telemedicine by 376 percent
in the number of daily calls, while the group older than 65 experienced an increase of 404
percent after the social distancing measures were implemented. We also find that calls from
patients who reported being previously diagnosed with a disease or illness increased by 297
13

percent. We additionally find no differences between men and women in the increase of
demand for telemedicine.
Figure 3: Treatment Effects: Heterogeneity
(a) Effects on log(Calls)

(b) Effects on log(First-Time Callers)
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Long-run effects.– If telemedicine is an experience good, once people start using telemedicine
services they might continue to use them in the future even when the possibility of visiting
the doctor in their office again becomes a possibility. Figure 2 shows that mobility steadily
increased in the months after the initial lockdown period and, contemporaneously, weekly
changes in the number of calls declined slightly throughout the same period. We exploit
this variation to approximate an elasticity of demand of telemedicine to mobility by looking
at the correlation between mobility and weekly changes in the outcome variables using the
following regression:

βˆτ = α1 M obτ + α2 P ost + τ
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(3)

where the dependent variable βˆτ is the weekly changes in outcomes estimated for week τ by
equation 1, the independent variable M ob is the average of the four indicators of mobility
observed during week τ described in Figure 1, and P ost is an indicator variable equal to one
for all weeks after week 11 when the lockdown started.
The results of this regression are presented in Table 3. A 1 percent increase in the
average mobility results in a 0.5 percent decrease on the estimated weekly difference in
the number of calls. The estimates suggest that, despite travelling more, patients do not
completely shift back to face-to-face consultations and are still opting for telemedicine as
an alternative.12 Resolved calls decrease by 0.6 percent for a one-unit increase in mobility,
but the number of follow-up and referred calls do not experience significant changes. Calls
resulting in prescription are the most sensitive to mobility changes. For this group of calls,
a one-unit increase in mobility results in a 1 percent decrease. Despite this initial evidence
suggesting that the demand for telemedicine did not decline sharply as mobility increased;
more time and data are needed to assess how permanent the increase in demand is.
12

Importantly, the share of first-time callers in the total dropped from 60 percent at the onset of the
pandemic to about 30 percent later on, which is also consistent with the evidence regarding experience
goods.
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Table 3: Effect of Mobility on Weekly Changes
Main Effects

Mobility
Change
Post
Constant
N
Adjusted R2

Call Resolution

Calls

First-Time
Callers

Resolved

Prescription

FollowUp

Derived

−0.005∗∗∗
(0.001)
2.390∗∗∗
(0.118)
3.846∗∗∗
(0.118)
43
0.943

−0.005∗∗∗
(0.002)
2.029∗∗∗
(0.126)
3.413∗∗∗
(0.126)
43
0.917

−0.006∗∗∗
(0.002)
2.402∗∗∗
(0.123)
3.461∗∗∗
(0.123)
43
0.941

−0.010∗∗∗
(0.002)
3.004∗∗∗
(0.183)
2.483∗∗∗
(0.183)
43
0.924

−0.003
(0.003)
3.313∗∗∗
(0.228)
1.430∗∗∗
(0.227)
43
0.884

0.003
(0.002)
2.157∗∗∗
(0.165)
1.366∗∗∗
(0.164)
43
0.834

Note: Each column presents the results of the difference-in-differences specification for a different
dependent variable, following equation 3. ∗∗∗ p < .01; ∗∗ p < .05; ∗ p < .1
Source: Authors’ calculations

7

Conclusion

Using administrative records from one of the largest providers of telemedicine in Argentina
and a difference-in-difference methodology, we find that the demand for telemedicine, as
captured by the number of calls and first-time callers, increased 233 and 226 percent, respectively, after the onset of the COVID-19 pandemic. While both increased, first-time callers as
a share of the total dropped from 60 percent at the onset of the pandemic to 30 percent later
on, which is consistent with telemedicine being an experience good. The largest effect was
observed on calls resulting in prescriptions, which experienced an increase of 342 percent.
There was also an increase in resolved consultations (of 244 percent) and in calls referred to
another specialist (184 percent). The effects were driven mostly by older individuals with
pre-existing conditions who used telemedicine for internal medicine consultations. We also
16

show that the increase in the use of telemedicine slightly decreased after mobility restrictions
eased but not enough to undo the increase in demand. We interpret this as suggesting that
the increase in the demand for telemedicine is likely to be permanent. Importantly, prescriptions dropped along with mobility, which indicates that telemedicine is not being perceived
as a gateway to over-prescription.
Prior to the COVID-19 pandemic, many governments as well as the World Health Organization viewed telemedicine as a tool to increase access to healthcare, reduce healthcare
costs, and expand service, particularly to geographically remote and underserved populations (WHO, 2016). The COVID-19 pandemic made even more clear the need to adopt
innovative solutions that can provide relief to the saturated health care system, helping to
meet increasing demand while minimizing the risk of transmission. This paper is a proof
of concept that there was a hidden demand for telemedicine and that policymakers have
space to foster and accelerate the adoption of technological solutions for health care delivery.
Providing patients the ability to experience the service could go a long way toward ensuring
sustained use.
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