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Abstract

The increasing number of Venezuelan migrants in Colombia, which now exceeds 2.9 million,

has raised concerns about their potential discrimination and socioeconomic integration. We

propose a novel approach to studying discrimination in the housing rental market by conducting

a multi-purpose field experiment with 574 real estate agents to, not only measure the extent

of discrimination but also to explore its determinants. After gathering comprehensive data

about the REAs, they evaluated rental applications from Colombian, Venezuelan, and OECD

families. Our findings suggest the presence of discrimination in the housing rental market, as

REAs were less likely to choose a Venezuelan family over a Colombian or OECD family. We

identified that this discrimination was a combination of taste and statistical discrimination,

influenced by factors such as age, gender, cognitive skills, and local market knowledge. We

found that the discriminatory social norm is well recognized among REAs. This study has

significant implications for policymakers, advocates, and practitioners, not only in Colombia

but globally, as it sheds light on the mechanisms of discrimination against migrant populations

and emphasizes the need to promote their integration and well-being.
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1 Introduction

Over the past 10 years, Venezuela has seen a massive outflow of people due to a severe eco-

nomic and humanitarian crisis, resulting in the largest migration in the Western Hemisphere

in the past half-century (Trib́ın-Uribe et al., 2020), and the second-largest displacement in

the world after that witnessed in Syria (UNHCR, 2022). Approximately 7 million Venezue-

lans (from an overall population of nearly 28 million in 2010) have emigrated from their

country, 84% of whom have moved to countries in Latin America and the Caribbean. As the

neighbor with the closest economic, social, and cultural ties to Venezuela, Colombia is the

leading destination for migrants, with an estimated 2.9 million Venezuelans residing there

as of February 2022 (Ministry of Foreign Affairs, 2022).1

This study investigates the impact of discrimination in the rental market on the avail-

ability of housing for Venezuelan migrants in Colombia. It also examines underlying factors

(individual-level attributes and social norms) contributing to discriminatory practices among

key intermediaries in the housing market: real estate agents (REAs) who lease properties.

Despite numerous policies promoting integration, Venezuelan migrants in Colombia still

face difficulties with social and economic integration. The Colombian government has made

considerable efforts to assist these migrants through the adoption of the “Temporary Statute

of Protection for Venezuelan Migrants,” which grants formal legal status to Venezuelans

residing in Colombia. The statute also provides for the implementation of programs to

improve migrant access to housing,2 recognize educational credentials (3106 degrees val-

idated from 2019 to 2022), certify labor competencies (9371 labor competencies certified

from 2019 to 2022), and reduce animosity toward migrants with informational campaigns.3

Nevertheless, discrimination and xenophobia remain major obstacles to economic integration

(Taborda Burgo, Acosta Ortiz and Garcia, 2021; World Bank, 2018). Colombian citizens

continue to negatively stereotype Venezuelan migrants (Proyecto migración Venezuela, 2020),

fueled by concerns that the migrant population may harm employment and increase crime

(World Bank, 2018; Bahar, Dooley and Selee, 2020), further hindering integration.

With such a massive exodus of Venezuelans into Colombia, examining the relationship be-

tween discrimination and the limitations on Venezuelan economic assimilation in the Colom-

bian housing market is of the utmost significance. Costly access to housing opportunities due

1There are challenges for the Colombian government in fostering migrant assimilation in the labor market
(Bonilla-Mej́ıa et al., 2020), in relation to violence (Knight and Tribin, 2020), at the political level (Rozo
and Vargas, 2021), and at the macroeconomic level Trib́ın-Uribe et al. (2020).

2Decree of the Colombian Ministry of Housing: https://minvivienda.gov.co/sites/default/files/normativa/
decreto-1104-del-29-de-junio-de-2022.pdf

3Protocols for the pedagogical approach to risk: https://www.colombiaaprende.edu.co/sites/default/files/
files public/2022-09/Racismo%20y%20Xenofobia compressed-min.pdf.
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to discrimination sets a toll on the economic, social, and cultural integration of migrants, in

this case resulting in inferior outcomes for the Colombian economy and depriving a vulner-

able population of safe, affordable, and fair housing options. Discrimination in the housing

rental market could also be impacting today the poverty levels of Venezuelan migrants and,

more generally, income inequality in Colombia. Consequently, there is a need to raise public

awareness regarding whether this type of discrimination exists, its magnitude, and what pre-

dicts it to inform policy discourse and practice with empirical evidence. Research suggests

that discrimination affects migrants in this market Namen, Rodŕıguez and Romero (2021),

but the extent of evidence is limited. Determining the prevalence of discriminatory practices

against migrants in the housing market in Colombia is important in the identification and

elimination of housing barriers, a problem that affects not only migrants but natives as well.4

To address our research questions, we conducted an artifactual field experiment similar

to a simulated personnel decision (as described in Neumark (2018)), a Goldberg-paradigm

study (as described in Bertrand and Duflo (2017)), or a factorial survey (as described in

Rossi (1979)). This class of experiments has been implemented to study discrimination

more frequently in the labor market (see Zanoni et al. (2022) for a recent paper on the

topic). The approach involves working with market intermediaries (recruiters) to evaluate

job applicants just as recruiters would in a correspondence study of the type popularized by

Bertrand and Mullainathan (2004) (and extensively replicated across markets and attributes

subject to prejudice).5 To facilitate referencing artifactual field experiments of the type we

are implementing, we label them ”simulated intermediaries decision” (SID) studies in this

paper, thus paraphrasing and broadening Neumark (2018)’s labeling.

To study discrimination in the leasing housing market in Colombia, we conducted an

extended SID field experiment involving 574 REAs in the cities of Bogotá and Cúcuta. The

study began with collection of information on the REAs’ educational, employment, and

sociodemographic backgrounds. We then administered tests to assess their personality traits

(using the NEO Five Factors Inventory [NEO-FFI] test, which measures the big “five” traits)

and cognitive skills (using the Wonderlic test). The REAs were then given ten sets of five

observationally equivalent middle-income families to evaluate for rentals (apartments and

4Colombian households were already experiencing a housing deficit before Venezuelans started their
massive migration into that country, with 33% of the population lacking affordable and safe housing (,
2021).

5Research on hiring discrimination is extensive (see, for instance, recent meta-analyses ins Quillian et al.
(2017) and Lippens, Vermeiren and Baert (2023). There are literature reviews in Bertrand and Duflo
(2017) and Neumark (2018). Verhaeghe (2020) provides a typology of research. Recent research on hiring
discrimination in several countries, includes Canada (Oreopoulos (2011)), China (Maurer-Fazio (2012)), and
Mexico (Arceo-Gomez and Campos-Vazquez (2014)). Discrimination attributes studied include age (David,
Ian and Button (2019), Burn et al. (2022)), unemployment spells (Kroft, Lange and Notowidigdo (2013)),
gender (Haoran He and Han (2023)), and race Kline, Rose and Walters (2022).
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houses) in the two cities, and were asked to indicate their preferred choice and assess the

fit for each property for each of the families. Finally, before the experiment’s conclusion,

we introduced an incentivized intervention where the REAs were asked to evaluate the last

property and behave as they believed most of the other REAs in the study would have done.

Our findings demonstrate significant discrimination against Venezuelan families in the

housing market. On average, REAs chose Colombian families over Venezuelan families by a

margin of 24.5 percent more (and did so by a margin of 12.7 percent more when it comes

to OECD families). We also found that this type of discrimination is linked to the income

stratum of the rental, and cities mediate in that relationship. This discrimination against

Venezuelans was found to be more pronounced in Cúcuta compared to Bogotá (with overall

levels of discrimination reaching 31.7% in the former and 19.7% in the latter) and was

particularly prevalent for rental properties in higher-income strata (where, for instance, the

discrimination rate was 24% in stratum 3 and 28.1% in stratum 5).

We also found that age, and neuroticism, play a significant role in predicting discrimina-

tory behavior among REAs in the market, regardless of the degree of discrimination being

considered. As the level of discrimination intensifies, other factors such as gender, cognitive

skills, and local market knowledge also become important predictors of the REAs’ behaviors.

After being subjected to a second-order belief elicitation in which they were asked to

reassess a property, this time as their peers would have, the REAs did not alter their dis-

criminatory practices. They continued to select Venezuelan families 10.6% of the time and

Colombian families 71.5% of the time. This outcome highlights two important points. Firstly,

it shows that discrimination against Venezuelans in this market is socially acceptable, because

the REAs conformed to the dominant social norm when making their choices. In addition,

the result suggests that the experiment successfully revealed the participants’ underlying

discriminatory tendencies.

The research presented in this paper makes several contributions to the existing literature.

we provide the first experimental evidence of discrimination in the housing market against

migrants from Venezuela, a population that, as we mentioned, joins several million people.

So far, most experimental evidence of discrimination in real estate markets has been found

in developed countries, including Sweden (Ahmed and Hammarstedt, 2008), Spain (Bosch,

Carnero and Farre, 2010), Italy (Baldini and Federici, 2011), the UK (Koppensteiner, Oliveira

and Rohith, 2022), and the United States (Hanson and Santas 2014; Ewens, Tomlin and

Wang 2014; Massey and Lundy 2001; Page 1995; Roychoudhury and Goodman 1996; Choi,

Ondrich and Yinger 2005; Zhao, Ondrich and Yinger 2006.)

Previous studies have documented discrimination of racial origin in the housing market.

The evidence indicates that African Americans and immigrants of African or Arab origin face
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higher levels of discrimination in specific areas, such as high-income areas and central city

areas of the United States (Hanson and Hawley, 2014). Recently arrived immigrants in the

United States also face discrimination in rental applications (Osorio 2022; Hanson and Santas

2014). Studies by Dirk W. Early (2018) and Myers (2004) have shown that racial minorities

pay more for rental homes than nonminorities. Researchers argue that the dominant form

of discrimination in rental markets is statistical discrimination based on the minority status

of applicants (Ross and Turner 2014; der Bracht, Coenen and de Putte 2015 ). Early (2011)

suggests that discrimination increases with greater demand and less availability of housing

units in densely populated areas. Our research extends this knowledge by demonstrating that

rental discrimination also occurs in Latin America and affects the most significant population

of migrants in the Americas (Venezuelans).

Additionally, our research provides valuable insights into some of the underlying at-

tributes of individuals that drive discriminatory behaviors, which can be used to develop

targeted interventions to influence the behaviors of individuals with specific characteristics.

Previous studies in the psychology literature have also found evidence of statistical associ-

ations between personality traits and discriminatory behaviors: for instance, Ekehammar

et al. (2004); Sibley and Duckitt (2008); Crawford and Brandt (2019) all found that the

Big Five personality traits are associated with prejudice. However, the evidence needs to be

extended to reach more-definitive conclusions. The sign and magnitude of those associations

are likely to be heterogeneous according to the method used to estimate the association and

to what market, country, and attribute subject to prejudice are analyzed. Thus, our finding

that cognizant individuals discriminate more and more-neurotic individuals discriminate less

in this market adds to the body of evidence and provides guides to targeting interventions.

In addition, our experiment reveals a strong social norm favoring discriminatory behavior

toward Venezuelan migrants in the Colombian real estate industry. The literature suggests

that social norms can play a crucial role in shaping discrimination based on nationality and

that the extent of perceived social unacceptability of such behavior can drive discriminatory

actions ((Barr, Lane and Nosenzo, 2018; Choi, Poertner and Sambanis, 2019)). This insight

supports using trending or dynamic norms (Mortensen et al., 2019) to design communica-

tion campaigns to decrease discrimination in this context, where the undesired behavior is

predominant.

In conclusion, our study contributes significantly to the literature by shedding new light

on the nature and extent of discrimination against migrants in the real estate market in

Colombia and some underlying mechanisms that drive it. Additionally, our multipurpose

field experiment showcases a cost-effective and innovative approach to investigating discrim-

ination. It can be used to measure discrimination, understand its determinants better, and
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evaluate effectiveness of behavioral interventions to reduce it. By taking this comprehensive

methodological approach, we provide valuable insights that can inform broader efforts to

address discrimination against Venezuelan migrants in the housing market in Latin America

and possibly other migrant populations there and in other markets.

A caveat that warrants mention is that our study focuses on discrimination in the formal

leasing market in Colombia, while policy interest extends to the broader economic inclusion

of migrants in informal housing arrangements. However, our findings can still illuminate

the systemic barriers and behaviors that affect not only middle-income families in formal

transactions but also those in more-informal markets in which lower-income families partic-

ipate. By studying discrimination in the formal real estate market, we can understand how

it operates at different income strata and inform broader efforts to address it as a general

problem. The experiences and challenges faced by middle-class migrants in this context can

help to refine the analysis of broader societal issues and inform policy efforts to address the

challenges faced by poor migrants. Thus, our research contributes to a broader understand-

ing of discrimination and its impacts on economic inclusion, an understanding that extends

to marginalized populations.

The remainder of the paper is organized as follows: in the next section, we describe the

experimental design. In section 4, we explain the models we use to estimate the effects. In

section 5, we present our results. Finally, we comment on the conclusions and limitations of

this study.

2 Experimental Design and Data Collection

To determine the degree of discrimination against migrants in the Colombian real estate

market, we followed the procedures outlined by Zanoni et al. (2022) and conducted a SID

artifactual experiment. A total of 574 real estate agents (REAs) participated in the experi-

ment and were tasked with evaluating different sets of prospective tenant families for various

properties in Bogotá and Cúcuta. Bogotá is home to the largest Venezuelan population in

Colombia (393,716 people), while Cúcuta is the third-largest city for Venezuelan migration

(98,680) (Ministry of Foreign Affairs, 2022). Cúcuta, located near the border with Venezuela,

has been exposed to the constant influx and outflow of migrants from that country for many

years.

The data collection regarding the characteristics of the REAs and the assessment of

the applicant families for real estate properties were carried out through a custom-designed

online platform. The platform was created to closely replicate REAs’ real-life decision-

making processes. The REAs began by providing information about their demographic
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profile and work experience and taking tests for socio-emotional, cognitive, and market

knowledge. Then, they were assigned the task of participating in nine individual trials, each

featuring differing properties and family attributes. Finally, a validity check was implemented

during the tenth trial of the experiment.

2.1 Recruitment of the REAs

REAs were recruited using the respondent-driven sampling (RDS) methodology, a network-

based technique that uses a chain-referral sampling mechanism (Heckathorn, 2002; Volz and

Heckathorn, 2008). The RDS process begins with a nonrandom sample of individuals of the

target population considered “seeds.” Seeds are allocated a fixed amount of referral tokens

and are directed to distribute them among acquaintances in the same target population,

which creates a second wave of nodes in the network tree. These and all subsequent nodes are

allocated the same number of referral tokens. All participants are compensated monetarily

for each referral who completes the experiment successfully. This increases the likelihood of

completion by creating an incentive for all participants to seek referrals with a high response

probability.

We planted four seeds in Bogotá and five in Cúcuta. These were selected using social

media and referrals based on two principles: first, we only considered individuals with at

least five years of experience in the market to guarantee a certain degree of connectedness

in the network; second, we selected agents as distant as possible from each other to achieve

representativeness. For the latter, the seeds varied with regard to gender, years of experience,

and real estate company.6 Each REA was assigned three referral tokens and they received

monetary compensation for each of their referrals who completed the online activities.

RDS is used to achieve statistical representativeness in target populations who are hard to

reach. A hard-to-reach population is a small group in relation to the general population, for

which no exhaustive list of members is available (Heckathorn, 1997). Colombian REAs fit the

definition of a hard-to-reach population, because licenses or trade association registrations

are not required to operate in the market. The individuals recruited were verified to be REAs

by means of a set of questions they answered at the beginning of the experiment regarding

housing regulations and key attributes of the local rental market in each city.

2.2 Description of the experiment

The experiment was conducted between December 2021 and February 2022. All REAs were

compensated for their participation with gift cards redeemable on a virtual platform in

6Two seeds in each city were self-employed REAs.
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exchange for various goods and services in chain stores, restaurants, clothing stores, and

other businesses. Participants were recruited as part of a research study in which they were

to be consulted on the basis of their professional experience.

The experiment had two parts. In the first part, some information about the REAs

was collected through online surveys. The surveys included questions about the REAs’ so-

ciodemographic characteristics, work history, and familiarity with the Colombian real estate

market. The latter was used as a screening tool to verify that participants were, in fact,

REAs. In addition, we assessed their cognitive and noncognitive abilities by administering

several tests. These tests included the Wonderlic Intelligence Quotient (IQ) assessment and

a self-esteem Rosenberg test, as well as the OCEAN-based personality test, which measured

the agents’ levels of openness, conscientiousness, extroversion, agreeableness, and neuroti-

cism. This information enables us to identify potential contributing factors and understand

whether specific characteristics are linked to an increased potential for discrimination.

In the second part of the study, all participants were presented with 10 sets of families as

if they were evaluating prospective tenants for predefined properties. To mitigate potential

social desirability bias, the description of families in each trial was structured in such a

manner as to emphasize their nationalities without making the purpose of the experiment

obvious. With that in mind, each trial referred to a different property and was presented with

five applicant families: two Colombian, two Venezuelan, and one of another nationality (to

simplify references, we designate this last type of applicant family as being from an OECD

country). Applicants were qualitatively similar in all aspects except for their nationality.

Participants were asked to perform four tasks in each trial: (i) select the most suitable

applicant for the property, (ii) rate all applicants on a scale from 1 to 10, and (iii) rate on

a scale from 1 to 10 various considerations that impacted their decision, including (a) the

probability of the applicant complying with the contract in terms of time, (b) the probability

of the applicant complying with the contract in terms of payments, (c) the likelihood of

renewing the lease, and (d) the applicant’s occupation. Section 5.1 in the appendix includes

screenshots as examples of the interface as participants saw it.

2.3 Synthetic properties and applicants’ profiles

The properties and families used in the experiment were meticulously designed to closely

approximate market conditions, being informed by the findings of a preliminary qualitative

study. Stakeholder interviews were conducted to gain an understanding of the functioning

of the real estate markets in the two cities studied, while focus groups with REAs were held

to determine the desired attributes of both the properties and families to be included in the
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experiment.

Table 1: Characteristics of the rental properties.

Attribute Bogotá Cúcuta

Stratum 3 4 5 3 4 5

Rent price*
1.200 1.950 2.900 0.550 0.800 0.800
- 2.500 3.200 0.660 1.200 1.200

1.429 3.100 4.900 0.760 1.400 2.500

Square meters
60 48 87 49 96 36
84 85 92 - 107 90
85 300 150 - 126 300

Note: Rent prices are in millions of Colombian pesos. At the time of the experiment, the average exchange rate to USD 1
was COP 3,967. The specific income brackets for Bogotá are revised periodically by the city government. As of September
2021, the income brackets and their corresponding monthly income ranges were as follows: Stratum 3: COP 1,313,704 to
2,188,968 (approximately USD 337 to 562); Stratum 4: COP 2,188,968 to 3,521,548 (approximately USD 562 to 905); and
Stratum 5: COP 3,521,548 to 6,254,880 (approximately USD 905 to 1,606). A − sign indicates that we did not display
that attribute when showing the properties.

In Colombia, properties are categorized into six strata, with Stratum 6 corresponding to

the wealthiest and Stratum 1 to the poorest. This categorization enables a subsidy scheme

to support lower-stratum residents with utilities and services using revenue from fees paid by

residents in higher strata. For this experiment, only Strata 3, 4, and 5 were considered, as

the highest and lowest strata have unique market conditions: in Strata 1 and 2, properties

are rented directly without the involvement of a REA. In contrast, the client profile and

requirements in Strata 6 differ from those in other strata.7

The properties used in the experiment were sourced from available information on the

Colombian real estate websites Metrocuadrado.com and Fincaraiz.com. The main attribute

displayed was the total rental price, followed by a general description of the property (such

as area in square meters, age of the property, and neighborhood income stratum) and a list of

secondary characteristics (such as concierge service and common areas) as well as information

about the neighborhood and property photographs. The rent amount and square meters for

7The specific income brackets for Bogotá are revised periodically by the city government. As of September
2021, the income brackets and their corresponding monthly income ranges were as follows: Stratum 1: up to
COP 877,803 (approximately USD 226); Stratum 2: COP 877,803 to 1,313,704 (approximately USD 226 to
337); Stratum 3: COP 1,313,704 to 2,188,968 (approximately USD 337 to 562); Stratum 4: COP 2,188,968
to 3,521,548 (approximately USD 562 to 905); Stratum 5: COP 3,521,548 to 6,254,880 (approximately USD
905 to 1,606); Stratum 6: above COP 6,254,880 (approximately USD 1,606).
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each stratum level were considered as per the parameters listed in Table 1. Nine properties

in total were included for each city based on these parameters.

Table 2: Profiles of applicant families.

Attribute Categories # of profiles
Bogotá Cúcuta

Family composition

Heteroparental family with children 10 13
Heteroparental family, no children 10 2
Homoparental family, no children 5 0

Couple of siblings, cousins or roomates 10 15
Trio of siblings, cousins or roomates 0 5

Single father 3 2
Single mother 2 3
Young woman 3 3
Young man 2 2

Economic activity

Sales 7 7
Construction 1 1

Education, culture, tourism 10 10
Legal/Law advisor 7 7
Manufacturing 4 4
Health services 9 9

R&D 7 7

Nationality
Colombian 18 18
Venezuelan 18 18

Other 9 9

Identification document

Colombian ID 18 18
Foreigner ID 11 11

Special stay permit (for Venezuelans) 9 6
Diplomatic visa 0 6
Resident visa 7 4

Note: In each trial of the experiment, both the economic activity and identification documents were shown for both the
main person in the rental application (the main applicant) and, if a spouse or partner is present, also for that additional
person (that we call secondary applicant). However, this table displays the distribution of these variables for only the
primary applicants. It should be noted that the same categories were applied to both primary and secondary applicants.

Ninety applicant profiles were generated using the data collected from REAs in focus
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groups. These profiles were presented in groups of five for each property in the two cities. The

experiment included 10 trials, each corresponding to a specific property and its associated

5 applicants. Table 2 illustrates the number of profiles that were created for various family

compositions.

The nationality of applicants was randomly assigned to be Venezuelan, Colombian, or

OECD. In each trial, the OECD nationality was randomly chosen from among the following:

Canadian, German, Brazilian, Chilean, French, Chinese, Spanish, Dutch, Japanese, Argen-

tinian, American, Italian, and Portuguese. Identification documents were also assigned to

each profile to reinforce the differences in nationality and prevent the purpose of the ex-

periment from being too evident to participants.8 Family composition information was also

included for each profile, as well as information about the primary and secondary applicants’

occupations and working sectors. Financial information such as income in relation to rent,

job letters, availability of pay stubs, and bank statements were also provided for some pro-

files. The experiment design was a balancing act between internal and external validity. The

profiles were made observationally equivalent in all aspects except nationality and realistic

enough not to trigger social desirability bias. As a result, applicants in the same trial are

qualitatively but not quantitatively equivalent. Table 9 in the appendix shows quantitative

differences. The profile validation was carried out with the help of REAs who participated

in the focus groups.9

3 Results

3.1 Applicant characteristics and REAs’ choices

In Table 3, we present the rates at which the REAs selected families from the three different

nationalities for a randomly selected experiment trial (N=5,148 trials).10 Recall that the

REAs evaluated five families in each trial of the experiment, two from Venezuela, two from

Colombia, and one from an OECD country. Our research design was crafted so that, in the

absence of discrimination and given the frequency of nationalities in each trial, Colombian

and Venezuelan families would each have had a 40% chance of selection. Consequently, those

8The study assigned identification documents to applicants based on their citizenship, which included
Colombian ID, foreigner ID, special stay permit (for Venezuelan citizens), diplomatic visa, and resident visa.
All migrants had legal migratory status. The Colombian government enacted the Temporary Protection
Statute (TPS) specifically for Venezuelans, which provided for the creation of a registry of migrants and
instituted a protection permit valid for 10 years. The study included the family’s application to the registry
and the permit to signal a high likelihood of remaining in the country for an extended period.

9REAs who participated in the focus groups did not participate in the experiment.
10A total of 574 agents made decisions over 9 trials. And in addition, all applicants were also subject to

an intervention trial; so which adds 574 additional trials to the data.
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proportions do not express probabilities that account for selection likelihoods. Families from

an OECD country would have a 20% chance of being chosen in each trial. The results in

Table 3 show that the choices of REAs did not follow the expected pattern of responses

absent discrimination. While Colombian and OECD applicants were chosen 65% and 20%

of the time, respectively, Venezuelan families were chosen only 14.5% of the time.

Table 3: Proportion of families chosen by the REAs (by nationality and city).

OECD Venezuela Colombia

Both cities 0.202 0.145 0.653
N trials 1,045 750 3,371

Cúcuta 0.199 0.088 0.713
N trials 461 203 1,649

Bogotá 0.205 0.192 0.604
N trials 584 547 1,722

Note: The table shows the rates and frequencies families were chosen by the REAs by their nationality
(columns) and by city (Cúcuta and Bogotá together and separately, rows) across 5,148 trials in the
experiment.

In Table 4, we use regression analysis to cross-compare the probabilities that a REA chose

families from a particular nationality. We show the mean difference in the rates of choice of

Non-Colombian vs. Colombian families (column 1), Venezuelan vs. Colombian (column 2),

OECD vs. Colombian (column 3), and OECD vs. Venezuelan (column 4). The dependent

variable in all regressions takes a value of 1 if a family was chosen and 0 otherwise. In each

regression, we restricted the data to families with the nationalities defined in the column

labels. The coefficient estimates in the table are from indicator variables that take the value

of 1 if the family is of the nationality in the first group in the column label and 0 otherwise.

We clustered the standard errors in all specifications at the REA level. We present three

horizontal panels. We use data from the whole sample in the top panel: “A. Both cities,”

the subsequent panels use data from “B. Cúcuta” and “C. Bogotá.”

In column 1 of Table 4, we can see that the REAs preferred Colombian families over

families of other nationalities by 21 percentage points. That preference pattern seems more

prevalent in Cúcuta than in Bogotá (compare the coefficient estimates of 0.26 vs. 0.17

in column 1). When comparing Venezuelan with Colombian families (column 2), the REAs

chose the latter over the former by a margin of 25 percentage points; and, as in column 1, this

preference was more likely to be operative in Cúcuta than in Bogotá. Column 3 in the table
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Table 4: Unconditional mean differences in the choice rates.

(1) (2) (3) (4)
Non-Col. Ven. OECD OECD
vs. Col. vs. Col. vs. Col. vs. Ven.

A. Both cities
Mean Difference -0.210 -0.254 -0.124 0.130

P-value 0.000 0.000 0.000 0.000

B. Cúcuta
All Cúcuta -0.261 -0.313 -0.157 0.155

P-value 0.000 0.000 0.000 0.000

C. Bogotá
All Bogotá -0.170 -0.206 -0.097 0.109

P-value 0.000 0.000 0.000 0.000

Note: The table shows the difference in rates at which families of the specified nationalities were the first choice an REA
made. Below the differences in the means we show the p-value of the t-test that evaluates the statistical significance of
those differences. The values are presented for both cities (row A. Both cities) and by city (row B. Cúcuta and row C.
Bogotá).

shows that Colombian families were preferred to OECD families by a margin of 12 percentage

points (and, in line with the differences by city we have already mentioned, this was the case

more in Cúcuta than in Bogotá). Finally, note that Table 4 also presents evidence that

REAs preferred OECD families to Venezuelan ones (by a margin of 13 percentage points)

and again, REAs in Cúcuta were marked by this preference more than REAs in Bogotá.

3.2 Regression-based analysis: Measuring discrimination

In Table 5, we show our main results, which are estimates of the differences in the rates

at which a synthetic family from Venezuela was the first choice of an REA compared to

a synthetic Colombian family’s being chosen first. We present these results in the rows

named “Venezuelan”, divided into three horizontal panels in the table. The top panel (”A.

Both cities”) shows estimates for both cities together. The next panel (”B. By city”) shows

estimates for Cúcuta and Bogotá individually. Panel C (C. By income strata) shows estimates

across the three income strata where we located the real estate properties, namely Strata 3,

4, and 5. We computed these estimates with linear probability models where the dependent

variable was an indicator taking the value of 1 if a family was chosen and 0 otherwise and

the independent variable (the coefficient estimates of which we present in the table) was

likewise an indicator taking the value of 1 if the family was Venezuelan and 0 otherwise.
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All model specifications include one indicator variable for whether the family was from the

OECD and keep Colombian families as the excluded baseline category. We clustered the

standard errors in all specifications at the REA level and present those in parentheses below

the estimates. ***, **, and * next to the estimates indicate significance at the 1, 5, and 10%

critical levels, respectively. For comparison purposes, in each individual panel of the Table,

the row denoted “OECD” below the row “Venezuelan” shows estimates of the differences in

the rates of choice between OECD and Colombian families.

Each column in Table 5 represents a model specification. The empirical model is of the

type:

yipr = α + βV zlaip + σOECDip + νXip + δp + γip + ϵipr. (1)

The variable of interest, denoted as yipr, refers to the outcome that is being evaluated for

a particular property p by a specific REA r for a particular applicant i. The model includes a

constant term α, and two dummy variables: V zlaip and OECDip. The variable V zlaip takes

the value 1 if the applicant’s synthetic family is from Venezuela, and 0 otherwise. Similarly,

OECDip is equal to 1 if the applicant’s synthetic family is from an OECD country, and 0

otherwise. By including these two dummy variables, we are assuming that the default or

comparison group is composed of only Colombian families. The coefficients β and σ represent

the differences in the likelihood of an applicant from Venezuela or an OECD country being

chosen by REAs, compared to Colombian applicants.

In the model, Xip is a vector of controls for synthetic-candidate-specific characteristics,

and δp are fixed effects for the properties. γip represents what we call “design” fixed effects.

Those are controls that are specific to our research design and include indicators for the city,

income stratum of the property, and the trial in the experiment. Finally, ϵipr is unobserved

heterogeneity. Our parameter of interest is β. The estimated β provides the differences

between the REAs’ rates of choosing between Venezuelan families and other families.

The regression model under Model 1 is an unconditional comparison where we did not

include covariates. The specification in Model 2 includes fixed effects for the city and

income stratum of the property evaluated. We showed 18 properties with fixed attributes to

REAs (9 for Cúcuta and 9 for Bogotá, because there were 9 main trials in the experiment).

Thus we included fixed effects for those real estate units. Model 2 also added fixed effects

for the trial of the experiment. To address the imbalance in family characteristics highlighted

in Table 9 in the appendix, in Model 3 we control for those characteristics directly in the

specification.11

11The results do not change if we add family fixed effects instead of controlling for family characteristics
as in Model 3.
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Table 5: OLS models of the differences in the choice rates.

Model 1 Model 2 Model 3 Model 4

A. Both cities
Venezuela -0.254*** -0.254*** -0.245*** -0.216***

(0.009) (0.009) (0.010) (0.009)
OECD -0.124*** -0.124*** -0.127*** -0.108***

(0.016) (0.016) (0.016) (0.015)
Observations 25830 25830 25830 25830

B. By city
Properties in Cúcuta

Venezuelan -0.313*** -0.313*** -0.317*** -0.235***
(0.012) (0.012) (0.014) (0.012)

OECD -0.157*** -0.157*** -0.181*** -0.110***
(0.022) (0.022) (0.022) (0.019)

Observations 11565 11565 11565 11565

Properties in Bogotá
Venezuelan -0.206*** -0.206*** -0.197*** -0.192***

(0.013) (0.013) (0.013) (0.013)
OECD -0.097*** -0.097*** -0.080*** -0.097***

(0.023) (0.023) (0.023) (0.021)
Observations 14265 14265 14265 14265

C. By income strata
Properties in stratum 3

Venezuelan -0.246*** -0.246*** -0.240*** -0.207***
(0.011) (0.011) (0.012) (0.011)

OECD -0.127*** -0.127*** -0.096*** -0.111***
(0.018) (0.018) (0.019) (0.017)

Observations 8610 8610 8610 8610

Properties in stratum 4
Venezuelan -0.243*** -0.243*** -0.225*** -0.208***

(0.011) (0.011) (0.013) (0.011)
OECD -0.122*** -0.122*** -0.134*** -0.107***

(0.018) (0.018) (0.019) (0.017)
Observations 8610 8610 8610 8610

Properties in stratum 5
Venezuelan -0.272*** -0.272*** -0.281*** -0.234***

(0.011) (0.011) (0.013) (0.011)
OECD -0.123*** -0.123*** -0.129*** -0.106***

(0.020) (0.020) (0.020) (0.018)
Observations 8610 8610 8610 8610

Model specification
Design fixed effects NO YES YES YES

Family characteristics NO NO YES YES
Family quality rating NO NO NO YES

Note: The table shows estimates of the difference in the rates at which a synthetic family from Venezuela and OECD were
the first choice of an REA as opposed to a synthetic Colombian family’s being chosen first (across three model specifications:
both cities, by city, and by income strata). Each column represents a model specification. All model specifications keep
Colombians as the excluded baseline category. Standard errors are clustered at the REA level and presented below the
estimates in parentheses. Model 1 does not add any covariates. Model 2 includes fixed effects for the city, income
stratum of the property evaluated, for the 20 properties shown to REAs (10 in Cúcuta and 10 in Bogotá), and for the trial
of the experiment. In Model 3 we control for characteristics of the applicant families shown in Table 9 in the appendix.
***, **, and * indicate statistical significance at the 1, 5, and 10% critical levels, respectively.

First, we notice again that there was a 25.4% difference between the rate at which

Venezuelan families were chosen with respect to Colombian ones (Panel A. Both cities;

Model 1). Note that the estimates in columns Model 1, Model 2, and Model 3 are very
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similar in magnitude. In fact, we found no statistically significant differences in the mean es-

timates across the three models. This similarity in results across models (presented in panel

A. Combined) suggests that REAs did not act on the differences in family characteristics

that we reported in Table 9 in the appendix. This result reinforces the hypothesis (implicit

in our design) that each trial resembles the experimental benchmark where all families are

observationally equivalent. In what follows, we will refer to the estimates presented in col-

umn Model 3 to elaborate upon the results further. We will discuss the results shown under

column Model 4 in the following sections.

Second, we study whether Venezuelans were discriminated against differently according

to the Colombian city in which they settled. In panel B of Table 5, we highlight that,

while in Cúcuta there was a difference of 31.3 percentage points between the rates at which

Venezuelans and Colombians were chosen, the difference in the rates was almost 11 percent-

age points smaller in Bogotá (20.6%). The greater gap in Cúcuta vs. the smaller gap in

Bogotá is statistically significant at conventional critical levels, so the results suggest more

real estate discrimination against Venezuelans in the former city than in the latter city.

Finally, in panel “C. By income strata” of Table 5, we explore whether discrimination

differs by the income strata of the leasing property’s address. The results suggest that the

REAs were more reluctant to choose Venezuelan families as their top choice when they were

leasing properties in Stratum 5 (top income), compared to their leasing of properties in

lower-income strata (there are differences of 4.1 and 5.6 percentage points between Stratum

5 and Stratum 3 and Stratum 4, respectively). This result indicates that REAs were likelier

to exercise unequal treatment of equal families by nationality when they evaluated properties

located in city areas with populations in the higher tier of the income distribution.

The evidence presented in Table 5 suggests that the REAs discriminated against Venezue-

lans generally and more in Cúcuta than in Bogotá. The differences in reported results by

income strata suggest the REAs recommended fewer Venezuelan families when properties

were in the highest income strata. Across model specifications, we controlled for family

characteristics and added a battery of design-driven fixed effects. Even with the differences

in specifications, the results are consistent across models.

3.3 Isolating taste-based discrimination: A digression

In line with economic theory, in our study, we consider two types of discrimination that

REAs could exhibit: taste-based discrimination and statistical discrimination. REAs would

be demonstrating taste-based discrimination if they acted on their personal preferences for

certain kinds of tenants based on their likes or dislikes of a particular nationality. In this
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case, the individual preferences of REAs play a definite role in their choice of tenants.

REAs would be exhibiting statistical discrimination when unobservable factors (such as,

their creditworthiness) play a role in their decision-making process when choosing a tenant.

In this case, differential inferences about the means of the unobservable components can be

interpreted as statistical discrimination Neumark (2012). Both types of discrimination could

happen simultaneously.

As indicated, the REAs were tasked with assessing the families’ suitability for the leasing

property in each trial. The REAs rated all families on a Likert scale from 1 to 10, where 10

and 1 were the highest and lowest suitability ratings, respectively. Such a rating expresses

differences in the perceived quality of the families in terms of factors that define a good

tenant. Absent discrimination, two equally rated families should have the same probability

of being selected by an REA. The question we aim to answer here is whether the REAs

still systematically chose Colombian over Venezuelan families after holding constant the

differences in perceived family quality illustrated by the rating. Absent discrimination, when

holding constant the family quality rating, only chance should explain differences in the rates

at which the REAs chose Colombian families over Venezuelan families (Zanoni et al., 2022).

In Table 5, the discrimination coefficients were reassessed in Column Model 4, while

controlling for the ratings of family suitability. We added fixed effects to compute the

estimates, accounting for the REAs’ evaluations of each family’s quality as tenants for the

evaluated property. The results in Column Model 4 of Table 5 indicate little variability

in the discrimination coefficients when the family suitability rating is held constant in the

sample combining both cities. The discrimination coefficient decreases by 2.9 percentage

points when the family suitability assessment is controlled for. Still, the difference between

the estimates controlling and not controlling for suitability is not statistically significant.

This suggests that taste-based discrimination dominates the behavior of the REAs.

However, the estimates by city show a different pattern. In Cúcuta, the magnitude of

the discrimination coefficient drops by 8.1 percentage points when the family suitability

measure is controlled for (and the difference between the top and bottom coefficients is sta-

tistically significant). In contrast, the discrimination coefficient in Bogotá barely changes

when the family suitability ratings are controlled for. This result suggests that discrim-

ination against Venezuelans in Cúcuta was influenced by animosity toward them and by

differences in suitability that were not observed by the researchers but were noticed by the

REAs. The difference between the two coefficients is in line with the concept of statistical

discrimination, where the likelihood of hiring a minority is decreased based on expectations

of quality differences that have no systematic counterpart in the observed variables.

It is also worth noting that the discrimination coefficient drops by 4.7 percentage points
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when the family suitability rating is controlled for in Stratum 5. This further highlights the

role that differences that the REAs perceived in family suitability play in the discrimination

against migrants.

Our findings suggest that while taste-based discrimination is a significant factor driving

discrimination against Venezuelan migrants, there is also evidence of statistical discrimi-

nation, particularly in Cúcuta and the highest-income stratum. When controlling for per-

ceived suitability, the observed drop in discrimination coefficients highlights the importance

of considering unobservable differences in productivity when analyzing discrimination. These

results provide valuable insight into the mechanisms driving discrimination in the real es-

tate industry and offer avenues for future research aimed at mitigating discrimination and

promoting more-inclusive practices.

3.4 REAs preferences for OECD over Venezuelan families

By comparing the estimated coefficients for the Venezuelan and OECD migrant groups in

each panel of Table 5, we can assess differences in the rates of preference for REAs between

these two groups. These disparities can provide valuable insights into whether discriminatory

attitudes towards migrants are systemic and affect all migrants, regardless of their country

of origin, or whether there is some idiosyncratic process affecting Venezuelans over other

migrants.

The discrimination coefficients for families from Venezuela and the OECD are different

in all models of Table 5. This indicates differences in the level of discrimination that REAs

exhibit towards these two groups of migrants. Specifically, under Model 3 (again: our

preferred specification), the coefficient for Venezuelans is between 1.93 (in the case of both

cities) and 2.5 (in the case of properties in Bogotá) times larger than the coefficient for OECD

families. This suggests that REAs systematically discriminate more against Venezuelans

than they do against OECD families.

As we indicated, discrimination can be of taste or statistical type, and both could interact

to influence the decision-making process of the REAs. Differences in the discrimination co-

efficients between migrants from different nationalities in our study could suggest differences

in either one of those two types of discrimination, or both. Examining results in Model 4 of

Table 5, we can better understand whether either of those types of discrimination dominates

the behaviors that underlie discrimination against Venezuelan migrants.

Notably, the changes in discrimination coefficients resulting from controlling for family

quality assessment differ for families from Venezuela and the OECD. Specifically, in Model

4, compared to the baseline in Model 3, the coefficient for Venezuelan families decreases
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in all samples analyzed in Table 5, indicating negative statistical discrimination against

Venezuelan migrants. In contrast, the coefficient for OECD families increases in Bogotá and

in stratum 3, suggesting that while statistical discrimination against OECD families is also

negative on average, there is one city and one income stratum where REAs have positive

expectations about the unobservable factors that characterize OECD families, indicating

positive statistical discrimination in their favor.

3.5 Discrimination behavior: Correlates with REAs’ characteris-

tics

In this section, we investigate the patterns of statistical association between the character-

istics of the REAs and their choices between Venezuelan and other families. To this end, we

redefine the unit of REA analysis as the REA and collapse the data accordingly (N=574).

We then estimate models where the outcome variables are indicators reflecting whether the

REAs never chose a Venezuelan family or whether they did choose a Venezuelan family once,

twice, or up to three times during the first nine trials of the experiment (the indicators are set

to 0 otherwise). The dependent variables are modeled as functions of various characteristics

of the REAs that were identified during the recruitment process.

The characteristics of the REAs that were analyzed included gender and age (with age

squared and cubed terms also included), educational attainment (a binary indicator of

whether or not the REA held at least a bachelor’s degree), city of operation (Bogotá or

Cúcuta), and employment status (working for a real estate agency versus self-employed). To

assess the relationship between noncognitive skills and discrimination, we control for stan-

dardized scores of five personality domains obtained from a NEO Five Factors Inventory

(NEO-FFI) test. The domains included neuroticism, extroversion, openness to experience,

agreeableness, and conscientiousness. We control for scores obtained from a Wonderlic Cog-

nitive Ability Test to examine the association between discrimination and cognitive ability.

Finally, we also control for a measure of the REAs’ knowledge of the real estate market in

their city of operation, which was computed as a score ranging from 1 to 5 based on the

number of correct answers given to a battery of five questions about their local markets. The

empirical model is of the type:

Zr = ω +Rrφ+ ϑr, (2)

where Zr represents the discrimination measure exhibited by REA r across all experi-

ment trials, excluding the last trial (which refers to the validity check). The model includes

a constant term, ω, a vector of REA-level variables, Rr, the association of which with dis-
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Table 6: Choice of Venezuelan families.

(1) (2) (3) (4)
Never Once Up to 2 times Up to 3 times

Work and demographics:
Gender is female 0.381** 0.308 0.194 -0.209

(0.192) (0.204) (0.233) (0.276)
Age -0.219* -0.248** -0.481*** -0.442**

(0.113) (0.125) (0.160) (0.193)
Age2 0.005** 0.005** 0.010*** 0.009**

(0.002) (0.003) (0.003) (0.004)
Age3 -0.000** -0.000** -0.000*** -0.000**

(0.000) (0.000) (0.000) (0.000)
Works for an agency 0.198 0.195 -0.063 -0.141

(0.213) (0.236) (0.283) (0.347)
College degree -0.267 0.011 -0.014 0.212

(0.195) (0.207) (0.233) (0.270)
Neuroticism -0.084*** -0.097*** -0.094*** -0.094***

(0.015) (0.017) (0.020) (0.024)
Extroversion -0.007 0.005 0.004 0.008

(0.023) (0.025) (0.031) (0.037)
Openness -0.005 -0.034 -0.038 -0.015

(0.024) (0.027) (0.032) (0.040)
Agreeableness 0.000 0.012 0.010 0.012

(0.023) (0.025) (0.029) (0.035)
Conscientiousness 0.031 0.029 0.037 0.040

(0.022) (0.024) (0.028) (0.032)
Cognitive skills and kwnowledge:

Wonderlic test 0.528*** 0.557*** 0.516*** 0.184
(0.126) (0.142) (0.166) (0.192)

Market knowledge -0.444** -0.457** -0.523** -0.471
(0.210) (0.222) (0.250) (0.290)

Model specification
Design fixed effects YES YES YES YES

Note: The unit of analysis are the REAs (N=574 in all regressions). The outcome is an indicator variable taking the
value of 1 if the REA chose a Venezuelan family as many times as indicated in the column labels out of the nine trials of
the experiment (never, once, up to twice, and up to three times), and 0 otherwise. Standard errors are presented below
the estimates in parentheses. All columns estimate the model described in equation 2. ***, **, and * indicate significance
at the 1, 5, and 10% critical levels, respectively.

crimination is being studied. Additionally, the model includes an unobserved heterogeneity

term, ϑr. The estimation of the model is performed using a linear probability model.

In Table 6, we analyze the relationships between the discriminatory behavior of the REAs

and their respective attributes, as depicted by four linear probability models. The dependent

variable in each model is a measure of discrimination, while the independent variables are the

REA-level characteristics previously described. The results are arranged in four columns,

each presenting the coefficient estimates and standard errors for the various explanatory

variables in regard to the likelihood of the REAs’ frequency of choosing a Venezuelan family

(Column 1:“Never”), choosing once (Column 2: “Once”), choosing twice or fewer (Column

3: “Up to 2 times”), and choosing three times or fewer (Column 4: “Up to 3 times”).
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Turning to the first column, “1. Never,” we see that compared to male REAs, female

REAs are more likely to be considered high discriminators, i.e., never choosing a Venezuelan

family. Additionally, younger REAs are more likely to discriminate than older REAs. The

only noncognitive skill that correlates statistically significantly with the likelihood of never

choosing a Venezuelan family is neuroticism, with a negative coefficient indicating that indi-

viduals who experience negative emotions more frequently are also less likely to never choose

Venezuelan families. Higher cognitive ability is also related to a higher likelihood of never

choosing a Venezuelan family while scoring higher on the local real estate market knowledge

test is associated with a lower likelihood of never choosing a Venezuelan family.

In Table 6, the definition of discrimination becomes less strict as we move from the

leftmost column to the rightmost. This enables us to evaluate the significance of each

factor in predicting discriminatory behavior as a whole. A notable pattern is that the

coefficient estimates for age and neuroticism (both with negative signs) become weaker as

the definition of discrimination is relaxed. However, they still remain significant predictors

of discriminatory behavior in all four models. On the other hand, the coefficients for gender,

cognitive skills, and market knowledge, which are significant predictors of high discrimination

in the first column, decrease in magnitude and lose statistical significance as the definition

of discrimination is broadened.

In summary, our findings suggest that age and neuroticism each play a significant role in

predicting discriminatory behavior among REAs in the market, regardless of the degree of

discrimination being considered. As the level of discrimination intensifies, other factors such

as gender, cognitive skills, and local market knowledge also become important predictors.

It is important to note that these results should not be interpreted as causal evidence, but

rather as a useful starting point for designing targeted interventions to reduce discrimination

and promote inclusion in the real estate market.

3.6 Validity check: REAs’ second-order beliefs

In this section, we examine the second-order beliefs of the REAs, specifically their beliefs

about the preferences of other REAs, as a means of methodological validation in our exper-

iment. As REAs’ behavior may be susceptible to social desirability bias, we introduced an

incentive-compatible measure to elicit their true underlying preferences.

In the final trial of the experiment, we requested that REAs reassess the applicants for one

of the properties whom the REAs had evaluated previously. Although the content presented

in trial 10 was the same as in trial 4, the task differed. REAs were asked to evaluate the

applicants as they believed other agents had in the past. We incentivized the answers in the
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final trial by offering a USD 100 prize. The REA whose responses in trial 10 were closest to

the responses most REAs gave when they evaluated the applicants in trial 4 would be the

winner.

For two reasons, the final trial of the experiment should be less prone to social desirabil-

ity bias. Firstly, concerns about being portrayed as discriminatory diminish as the question

reflects on others and not the individual. Secondly, the monetary incentive increases the op-

portunity cost of social desirability bias. We attempted to strengthen the monetary incentive

by awarding the winner a larger monetary incentive than that provided for participation in

the experiment.

Research in the experimental literature suggests that beliefs about others’ behavior are

frequently correlated with subjects’ own choices (Vanberg 2019; Roth and Voskort 2014).

This is known as the false consensus effect in psychology. While the name may suggest that

this refers to a bias where individuals overestimate the similarity between their choices and

those of others, it may actually be entirely rational under a Bayesian framework to infer this

similarity in the absence of additional information (Dawes 1989; Vanberg 2019).

In the final trial, we thus utilize the false consensus effect to determine whether the

decisions made in previous trials reveal REAs’ true preferences. As this is a measure of

individuals’ preferences in a context with reduced social desirability bias, we find that the

choices made in trial 10 replicate the pattern observed throughout trials 1 to 9: most REAs

selected a Colombian family. Table 7 shows the frequency of nationality selection by city,

which is consistently higher for Colombian families than for families of other nationalities.

This result suggests that the preference elicitation in trials 1 to 9 likely revealed REAs’ true

preferences.

This is also evident when we estimate the specification discussed previously for Model 3

of Table 5 separately by trials. Table 8 presents estimates of the discrimination coefficients

computed across subsamples defined sequentially. Columns 1, 2, and 3 show estimates of the

discrimination coefficients across triplets of subsamples in the first nine trials of the experi-

ment. Columns 4 and 5 show the discrimination coefficient for trials 4 and 10 individually.

This gives us confidence that the preference elicitation in trials 1–9 was not affected by social

desirability bias and thus our instrument can reliably capture discrimination in the housing

market.

It is noteworthy that the validation of the field experiment is not the only outcome of

this check. The elicitation of second-order beliefs of the REAs also provides insight into the

consensus about the prevailing social norm. Not only do REAs typically discriminate against

Venezuelan applicants,they also think other REAs do the same. This finding is significant

when it comes to designing policies to address the issue of discrimination, because it suggests
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Table 7: Nationality selection frequency.

Bogotá Cúcuta

Trials OECD VEN COL OECD VEN COL

1 69 92 156 69 19 169
2 59 52 206 38 24 195
3 53 49 215 51 32 174
4 51 37 229 38 26 193
5 65 72 180 53 21 183
6 67 100 150 70 15 172
7 75 51 191 56 16 185
8 78 48 191 36 32 189
9 67 46 204 50 18 189
10 73 32 212 31 29 197

Note: The table shows the number of REAs who selected families of each nationality by trial. The highest frequency by
city is highlighted for each trial.

Table 8: Effects of discrimination by subsets of trials in the experiment.

(1) (2) (3) (4) (5)
Trials 1–3 Trials 4–6 Trials 7–9 Trial 4 Trial 10

Discrimination coefficients
Nationality=2 -0.254*** -0.225*** -0.281*** -0.290*** -0.283***

(0.006) (0.011) (0.011) (0.019) (0.019)
Observations 28700 8610 8610 2870 2870

Model specification
OECD fixed effects YES YES YES YES YES
Design fixed effects YES YES YES YES YES

Family characteristics YES YES YES YES YES

Note: The table shows coefficient estimates of the discrimination effect from OLS regressions. The
dependent variables are dummy variables indicating whether a Venezuelan family was selected. Standard
errors, clustered at the REA level, are reported in parentheses. ***, **, and * indicate significance at
the 1, 5, and 10% critical levels, respectively.

that policies relying on pro-migratory sentiments may be ineffective.

Behavioral interventions where a person’s actions are compared to those of their peers

have proven effective for changing behavior in various domains (Bhanot 2021; Allcott 2011;

Goldstein, Cialdini and Griskevicius 2008). However, in certain cases using nudges on social

norms can fail to be effective or even backfire Bicchieri and Dimant (2022). This is a potential
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risk here, where the behavior that an intervention wants to encourage is performed only by a

minority of REAs. Thus in this context, it is important to use caution so as not to reinforce

the discriminatory social norm. One way of dealing with this issue is using trending norms

Mortensen et al. (2019) to highlight how the social norm is increasingly pro-migratory, if

that were the case in Colombia.

4 Conclusions

Discrimination against migrants is a barrier that hinders the inclusion of vulnerable popula-

tions in the economic, social, and cultural fabric of receiving countries. Discrimination leads

to lost economic opportunities and reduced diversity, which negatively impact innovation,

poverty, and inequality. The Venezuelan migration is the most significant migratory phe-

nomenon in the Americas at the present time, and Colombia is the most important receptor

of those migrants.

This study measures the magnitude of discrimination against Venezuelan migrants in the

Colombian rental housing market and identifies the underlying individual-level factors that

contribute to discriminatory behaviors exercised by REAs. We found that discrimination

against Venezuelans in the rental housing market is prevalent in Colombia and further that

younger, less neurotic, and more cognitively able real estate agents are more likely to dis-

criminate. Taste-based discrimination dominates the nature of this discriminatory behavior,

but statistical discrimination may also play an important role. Among REAs there are social

norms according to which this type of discrimination is socially acceptable.

The findings of this study highlight the significant problem of real estate agents’ discrim-

inating against Venezuelan migrants in Colombia, which creates a potential barrier in the

search for housing for millions of vulnerable individuals. There is a clear need for policy

interventions to address this societal problem. The discovery that discriminatory behavior

in this market may be influenced by individual characteristics and psychological factors pro-

vides valuable insight for designing interventions. Moreover, this discriminatory behavior is

not solely an individual-level issue, but rather is influenced by broader social and cultural

norms. Thus, policy interventions should take a comprehensive approach, targeting both

individuals and broader systemic changes to influence prevailing norms, in order to address

this issue.

Future research should investigate strategies to ameliorate discrimination in the housing

market. Policies such as providing economic incentives to landlords who demonstrate a

commitment to fair housing practices (in the form of tax breaks or other types of financial

rewards) and increasing access to information about available housing options and tenant
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rights may be effective in addressing this issue. However, it is also worthwhile to think about

ways to foster collective change Bicchieri and Dimant (2022). Although social norms should

be used with care in this context, there are potential gains in using the power of mechanisms

such as trending social norms. There is still much to be done to prevent discrimination in

the housing market, which has a significant impact on an already vulnerable population of

migrants.
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Ávila-Montealegre, Leonardo Bonilla-Mej́ıa, Juan Carlos Castro-Fernández,

29
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5 Appendix

5.1 Experimental materials

Figure 1: Property posting

Figure 2: Applicants’ profiles
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Figure 3: Applicants selection

5.2 Tables
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Table 9: Balance in the attributes of applicant families.

(1) (2) (3) T-test
OECD Venezuela Colombia Difference

Variable N/[Clusters] Mean/SE N/[Clusters] Mean/SE N/[Clusters] Mean/SE (1)-(2) (1)-(3) (2)-(3)

Two or more adults 5166
[574]

0.667
(0.000)

10332
[574]

0.778
(0.000)

10332
[574]

0.728
(0.002)

-0.111 -0.061*** 0.050***

Pets 5166
[574]

0.161
(0.002)

10332
[574]

0.142
(0.001)

10332
[574]

0.111
(0.000)

0.019*** 0.050*** 0.031***

Household size 5166
[574]

2.050
(0.002)

10332
[574]

2.099
(0.005)

10332
[574]

2.099
(0.005)

-0.050*** -0.050*** 0.000

N Children 5166
[574]

0.172
(0.002)

10332
[574]

0.186
(0.003)

10332
[574]

0.130
(0.003)

-0.013** 0.042*** 0.056

Sales 5166
[574]

0.172
(0.002)

10332
[574]

0.186
(0.003)

10332
[574]

0.117
(0.002)

-0.013** 0.056*** 0.069***

Construction 5166
[574]

0.000
(0.000)

10332
[574]

0.056
(0.000)

10332
[574]

0.000
(0.000)

-0.056 N/A 0.056

Education, culture, tourism 5166
[574]

0.172
(0.002)

10332
[574]

0.272
(0.002)

10332
[574]

0.197
(0.001)

-0.099*** -0.025*** 0.075***

Legal/Law advisor 5166
[574]

0.149
(0.007)

10332
[574]

0.086
(0.001)

10332
[574]

0.228
(0.002)

0.063*** -0.079*** -0.142***

Manufacturing 5166
[574]

0.061
(0.002)

10332
[574]

0.167
(0.000)

10332
[574]

0.025
(0.001)

-0.105*** 0.036*** 0.142***

Public services 5166
[574]

0.222
(0.000)

10332
[574]

0.117
(0.002)

10332
[574]

0.272
(0.002)

0.105*** -0.050*** -0.155***

R&D 5166
[574]

0.222
(0.000)

10332
[574]

0.117
(0.002)

10332
[574]

0.161
(0.002)

0.105*** 0.061*** -0.044***

Notes : The value displayed for t-tests are the differences in the means across the groups.
Standard errors are clustered at variable id. ***, **, and * indicate significance at the 1, 5,
and 10 percent critical level.
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