
Corruption and Political 
Accountability under 
Economic Shocks: 

Preliminary Findings 

Andrés Barinas-Forero 
Carlos Scartascini 
 
 

DISCUSSION PAPER No IDB-DP-1071 

Inter-American Development Bank 
Department of Research and Chief Economist  
 
August 2024 

 



* Inter-American Development Bank 

Corruption and Political Accountability 
under Economic Shocks: 
 

Preliminary Findings 

Andrés Barinas-Forero* 
Carlos Scartascini* 
 

Inter-American Development Bank 
Department of Research and Chief Economist  
 
August 2024 

 
V



 

http://www.iadb.org 

Copyright © 2024 Inter-American Development Bank ("IDB"). This work is subject to a Creative 
Commons license CC BY 3.0 IGO (https://creativecommons.org/licenses/by/3.0/igo/legalcode). The 
terms and conditions indicated in the URL link must be met and the respective recognition must be 
granted to the IDB. 
 
Further to section 8 of the above license, any mediation relating to disputes arising under such license 
shall be conducted in accordance with the WIPO Mediation Rules. Any dispute related to the use of 
the works of the IDB that cannot be settled amicably shall be submitted to arbitration pursuant to the 
United Nations Commission on International Trade Law (UNCITRAL) rules. The use of the IDB's name 
for any purpose other than for attribution, and the use of IDB's logo shall be subject to a separate 
written license agreement between the IDB and the user and is not authorized as part of this license. 
 
Note that the URL link includes terms and conditions that are an integral part of this license. 
 
The opinions expressed in this work are those of the authors and do not necessarily reflect the views of 
the Inter-American Development Bank, its Board of Directors, or the countries they represent. 
 

 

 

 



Corruption and Political Accountability under
Economic Shocks: Preliminary Findings*

Andres Barinas-Forero† Carlos Scartascini‡

Abstract

While the existing literature extensively explores the adverse effects of corruption on 
economic performance, there is limited research on how economic shocks influence 
corruption and political accountability. To address this gap, we develop a theoretical 
political model that allows politicians to be corrupt and citizens to punish corruption. 
In the model, positive economic shocks lead to increased corruption and weakened 
accountability. We validate these predictions empirically in a series of laboratory 
experiments conducted with university students in Colombia. Our findings indicate 
that corruption rates rise significantly during economic booms. Citizens’ willingness 
to punish corrupt politicians remains relatively unchanged across the business cycle. 
Citizens decide when to punish based on the observed allocation of public goods. 
Regardless of the state of the economy, low allocations lead to significantly higher 
punishment than higher allocations, which may lead to the punishment of honest 
politicians during economic downturns. Additionally, we evaluate the role of expec-
tations in shaping decisions: during positive economic shocks, politicians anticipate 
reduced punishment, while citizens mistakenly expect a decrease in corruption. These 
results underscore the need for robust transparency and accountability mechanisms to 
safeguard governance standards.
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I Introduction

Political corruption disrupts growth (Mauro, 1995; Bardhan, 1997), deepens poverty (Gupta
et al., 1998), exacerbates inequality (Olken, 2006), erodes trust between citizens and the state
(Keefer and Scartascini, 2022; Khlif and Amara, 2019), and leads to significant economic
inefficiencies (Dal Bó and Rossi, 2007; Fisman and Svensson, 2007). Economic and political
cycles can intensify or alleviate these harmful effects (Saha and Sen, 2023) and could affect
the likelihood of corruption itself.

During economic booms, abundant resources can create more opportunities for corrupt
activities (Galbraith, 1997; Leite and Weidmann, 1999). Conversely, recessions can intensify
corruption, as the value of rents increases, and public officials may exploit the heightened
vulnerability of the populace (Ivlevs and Hinks, 2015; Torsello, 2010). Economic cycles
can also affect the perceptions of corruption if citizens assign the downturn to politicians’
behavior.

In this paper, we evaluate how economic shocks influence the behavior of politicians
when it comes to local corruption2 and citizens when it comes to the demand for political
accountability.3 To do so, we develop a theoretical model of political corruption and
political accountability in the context of taxation and the provision of public goods at
the subnational level.4 To operationalize the economic cycle, we focus on the effect of
an exogenous economic shock that reduces (or increases) the construction cost of public
goods. This change in prices can affect the politician’s choices, the amount of public goods
available in the economy, and, henceforth, the decision of citizens to punish the politician.5

Given that citizens derive utility from public goods (Persson and Tabellini, 2002), negative
economic shocks may reduce the allocation of public goods and citizens’ well-being. As
such, they may decide to punish politicians even in the abscente of corruption.6

In our model, a local politician, a national authority, and a citizen interact strategically.
In the first stage of the game, nature decides the construction cost of the public good,
which is common knowledge, and the citizen pays income taxes that are transferred to the
politician. The politician receives the transfer and decides how much to invest in public

2In our model, politicians who act as “rent-seekers” rather than "office-seekers" are the ones who frame local
corruption (see Persson and Tabellini, 2002)

3Our idea of accountability differs from that used in seminal work of political accountability (see Barro, 1973;
Przeworski et al., 1999). Instead, we characterize accountability as citizen’s willingness to punish politicians
while they are in office (Klašnja et al., 2021).

4It could be generalized to other contexts.
5According to Martínez (2023), royalties from natural resource extraction are another significant source of
income for municipalities in Colombia. As a result, fluctuations in construction costs can mirror economic
shocks similar to those caused by changes in commodity prices.

6We deviate from other studies that employ increments in productivity as the main source of the positive
economic shock (see Bai et al., 2017)
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goods.7 Once the politician decides how much to allocate to public goods (and how much
to pocket), the national (or higher level) can allocate additional funds to construct public
goods. In the last stage of the game, the citizen observes the final allocation of public goods
(knowing already the state of the economy), and decides whether to punish or disapprove
the politician, which is costly.

In the model, citizens and politicians can have different types. Politicians may have a lower
or higher intrinsic motivation for acting with integrity or moral commitment (Martinelli,
2022; Tanner et al., 2022), while citizens may have a differential intrinsic motivation for
holding politicians accountable (Adserà et al., 2003; Nannicini et al., 2013).

The presence of a national authority allows us to incorporate two common dimensions: i)
in most countries, public goods are offered by local and national politicians.8 ii) corruption
is facilitated when there is imperfect information about the politician’s behavior. Who pays
for what and how much is usually not common knowledge for individuals, which creates
uncertainty and can reduce accountability (corruption often occurs in secrecy (Shleifer and
Vishny, 1993)).

From our theoretical framework, we characterize a signaling equilibrium with two key
dynamics. First, politicians who derive higher utility from being honest are less likely to
engage in corruption, while citizens who place a lower value on political accountability
are less inclined to pay to disapprove of corrupt politicians. Second, when a positive
economic shock occurs, politicians become more inclined to engage in corrupt activities,
anticipating that citizens will be less vigilant in holding them accountable. This expectation
of reduced disapproval increases the expected payoff of being corrupt. Consequently, our
model suggests that positive economic shocks not only heighten local corruption but also
undermine political accountability.9

Given these theoretical findings, and to empirically test our hypotheses, we designed and
implemented a series of laboratory experiments with university students in Colombia. In
the experiment, participants were assigned to one of two roles: citizens or politicians.10

Participants were paired using a perfect stranger matching protocol, informed about the
game’s structure with an emphasis on the importance of public goods, and then engaged in
the same activity over multiple rounds. The experimental design featured within-subject

7By allowing the politician to decide how much to allocate, we concentrate on “assignment” problems,
which are common approaches when thinking about corruption (see Banerjee et al., 2012).

8For example, in Colombia, since the 1990s, local and national authorities have shared responsibility for
delivering essential public services in the areas of drinking water, sanitation, health, and education (Alesina
et al., 2005).

9This idea is consistent with the theoretical results developed by Bhattacharyya and Hodler (2010)
10Our experimental design uses a loaded framing, where participants were explicitly informed of their role

titles. Previous research suggests that framing effects have minimal impact in corruption games (Abbink
and Hennig-Schmidt, 2006; Barr and Serra, 2009; Alekseev et al., 2017; Banerjee, 2016).
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variation in the construction cost of public goods, which could either be high cost or low
cost, simulating exogenous positive economic shocks. This design allows us to closely
examine the impact of economic shocks on political behavior, providing robust empirical
evidence for the theoretical framework outlined earlier. Further details of the experimental
design are presented in Section III.

In a general framework regarding local political corruption, our preliminary results show
that corruption in high-cost environments is approximately 55%.11 Furthermore, following
a positive economic shock, corruption in low-cost environments increases to 62%, reflecting
a 7 percentage point increase. Regarding local political accountability, our results show that
citizens’ willingness to disapprove of politicians stands at 15% in high-cost environments
(economic downturns) and 13% in low-cost environments (economic booms). Overall,
these point estimates have significant economic implications, suggesting that positive
economic shocks lead to an approximate 14pp increase in local political corruption and
highlight the challenges in sustaining political accountability during periods of economic
booms.

Given the structure of the game, the final allocation of public goods also serves as a
quality signal of the politician’s performance (Mani and Mukand, 2007). Consequently, we
examine the impact of the observed public goods allocation on the citizen’s willingness
to disapprove of the politician (Ferejohn, 1986). Our findings reveal that citizens are
willing to incur personal costs to punish corrupt politicians, with a disapproval rate of
33% against those identified as corrupt. In stark contrast, the disapproval rate for honest
politicians is a mere 3%, reflecting a strategic approach by citizens: they actively seek
to remove corrupt leaders from office while rewarding those who govern with integrity.
These results highlight the pivotal role of public accountability mechanisms, suggesting
that when citizens are empowered with information and the ability to act, they are not
only discerning but also decisive in fostering good governance.

In the economic literature, a substantial body of empirical research has explored the
intricate relationship between economic development and corruption.12 Yet, the nuanced
interplay between business cycles and corruption remains less examined, despite its
critical importance. As Galbraith (1997) posits, economic booms can amplify corruption
opportunities—firms may have greater resources to offer bribes, and politicians might
be more eager to exploit the favorable conditions. Empirical evidence by Gokcekus and
Suzuki (2011) supports the idea that corruption tends to surge during short-term economic
expansions and recede during recessions.

11Importantly, the results indicated in this version of the document are preliminary –data collection is still
underway

12See Mocan (2008); Bai et al. (2017); Treisman (2000); Serra (2006); Ades and Di Tella (1999); Cieślik and
Goczek (2018); Huang (2016); Méon and Sekkat (2005); Gründler and Potrafke (2019).
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Conversely, an alternate body of literature suggests that economic booms can curtail cor-
ruption, while recessions may fuel it.13 This perspective argues that during downturns,
bribes may become more valuable, or that economic crises heighten vulnerability, pro-
viding fertile ground for corrupt practices by public officials (Ivlevs and Hinks, 2015).
Resolving these conflicting findings is essential, as understanding how economic fluc-
tuations influence corruption could inform more effective policy interventions aimed at
reducing corruption across different economic contexts. This paper seeks to fill this gap.

Our paper also contributes significantly to the literature on the relationship between politi-
cal accountability and economic cycles by exploring how citizens’ responses to political
corruption vary with economic conditions. Empirical evidence consistently shows that
citizens tend to punish corrupt politicians, often resulting in reduced re-election chances
for those implicated in corruption (Weitz-Shapiro and Winters, 2013, 2016, 2017; Ferraz
and Finan, 2011). However, the propensity to punish corrupt officials during prosperous
times presents a nuanced scenario. On one hand, improved economic conditions might
lower the relative cost of punitive actions, thereby encouraging increased punishment. On
the other hand, the higher opportunity cost of engaging in such actions during times of
prosperity may dampen the likelihood of punitive behavior (Lynge and Martinez i Coma,
2022). Furthermore, economic prosperity often enhances overall happiness and tolerance,
potentially reducing the public’s drive to sanction corrupt activities (Ristei and Gugiu,
2016). Notably, our findings challenge the assumption that economic prosperity uniformly
tempers the desire for accountability. Even in low to middle-income countries, where
tolerance for corruption is generally higher (Cameron et al., 2009), we observe that citizens
are willing to incur personal costs to disapprove of corrupt politicians, regardless of the
economic climate. These results underscore the complex interplay between economic
conditions and political accountability, highlighting the resilience of civic engagement in
the face of corruption.

Lastly, our paper makes an important contribution to the literature on measuring corrup-
tion and political accountability in experimental settings.14 While measuring corruption
is notoriously challenging (Armand et al., 2023), we introduce a novel experimental de-
sign that effectively measures corruption while maintaining incentives for politicians
to avoid detection. Although similar designs have been explored in previous studies,15

our approach uniquely incorporates scenarios where politicians are either shielded from

13For example, some studies suggest that positive income shocks exacerbate corruption (Voors et al., 2011),
whereas others find that such shocks mitigate it (Tavares, 2003; Altunbaş and Thornton, 2012; Kéïta and
Laurila, 2021)

14Corruption observed in lab experiments has been shown to correlate with corruption in participants’
home countries (Abbink and Serra, 2012), demonstrating the value of capturing metrics within controlled
environments.

15See Cubel et al. (2024); Cagala et al. (2019); Abbink et al. (2002); Armantier and Boly (2011); Schulze and
Frank (2003); Berninghaus et al. (2013); Martinelli and Esandi (2022); Klašnja and Tucker (2013)
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detection, introducing uncertainty, or clearly identified as corrupt or honest, allowing us
to assess citizens’ willingness to punish under varying economic conditions. Moreover,
our experiment isolates the causal effect of economic booms on political corruption while
controlling for typical information asymmetries associated with corrupt behavior (Persson
et al., 1997).

Building on the existing literature on the willingness to punish corruption in lab settings,
our study distinguishes itself by enabling citizens to be fully aware of economic conditions
and providing a clear measure of corruption.16 This innovation allows us to measure
the impact of economic booms on political accountability precisely. Furthermore, by
incorporating both citizens’ and politicians’ beliefs regarding corruption and accountability,
our study offers a comprehensive and nuanced understanding of these mechanisms,
providing valuable insights into the complex interplay between economic shocks and
political behavior.

The rest of the paper is organized as follows. In Section II, we establish a theoretical model
that provides a framework for our analysis. Section III details our experimental design.
Section IV presents our main findings, which shed new light on the interaction between
economic conditions and political behavior. In Section V, we offer empirical evidence
supporting the mechanisms underlying these results. Section VI concludes.

II Theoretical Model

Consider a model of local corruption involving three agents: a citizen, a local politician,
and a national authority. In this setup, all three agents interact within a local municipality.
The citizen has an exogenous income y ∈ R+, and the local politician receives a wage
w ∈ R+ for serving as a public official. An exogenous tax rate τ ∈ [0, 1] is imposed on
the citizen’s income, resulting in tax revenue for the municipality defined as τy. The
politician’s responsibility is to decide how much tax revenue to allocate towards the
construction of public goods. The politician can choose to be honest, allocating the entire
budget (τy), or corrupt, allocating (τy − r), where r ∈ (0, τy) represents the amount of
rents extracted while in office.

We define the politician’s choice as h ∈ {0, 1} with h = 1 meaning that he is honest and
h = 0 meaning he is corrupt. Notice that if the politician decides to extract rents, he receives
r, and the rest goes to the construction of public goods satisfying the following restriction:

τy = Θ(π) + r,

where Θ denotes the amount of public goods provided in the municipality, and π denotes

16See Sjursen (2023); Martin (2014); Solaz et al. (2019)
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the construction cost for each unit of public goods. Specifically, π ∈ {π, π} ⊂ R+ which
means that the municipality may face a high or low cost, with π > π. As costs are exogenous,
we can think that higher costs represent negative economic shocks (i.e., exchange devalu-
ation, inflation, etc.), and lower costs represent positive economic shocks (i.e., exchange
revaluation, lower material prices, etc.). Moreover, we say that ∂Θ

∂π < 0, which means that
higher costs derive in lower units of public goods.17 Finally, the construction cost (π) is
publicly announced to both the citizen and the politician.

Once the local politician chooses, the national authority enters the game by randomly
deciding whether to allocate additional resources for public goods in the municipality.
We denote the national authority’s decision by γ = {0, 1}, where γ = 1 indicates the
allocation of additional resources. Specifically, when the national authority allocates
resources, the amount allocated is exactly equal to the rents the politician can extract,
meaning the national authority can perfectly offset the politician’s decision.18 Since the
national authority’s decision is random, we say they allocate resources with probability
µ ∈ (0, 1), and with probability (1 − µ), they allocate zero additional resources.19 Therefore,
the national authority acts as a neutral agent in our model, having no specific payoff or
strategic choices.

The total amount allocated to construct public goods equals the sum of resources the
politician and national authority assign. Additionally, neither the politician’s nor the
national authority’s decision is directly observable to the citizens, who instead observe the
final allocation of public goods. Thus, we define the final public provision of public goods
in the municipality as:

Θ(π, h, γ) =
( 1

π

)
(τy − (1 − h)r + γr), (1)

Notice that higher or lower levels of public good allocation provide information to the
citizen. For instance, consider a politician that is honest and a national authority that
provides resources. In that case, the citizen would observe a high-allocation signal
(Θh(π)) = 1

π (τy + r). Likewise, if the politician is corrupt and the national authority does
not provide resources, then the citizen would observe a low-allocation signal (Θl(π)) =

17This is consistent with an inverse demand model with p = a − bQ assuming that public goods behave like
normal goods.

18Although this may seem unrealistic, consider an alternative scenario where the national authority allocates
M ∈ R+ with M ̸= r, indicating that different amounts of resources are distributed. However, a significant
challenge remains: Citizens often lack precise knowledge of the specific allocations made by each agent.
As a result, distinguishing between these allocations becomes inherently difficult due to limited access
to information. This informational deficit can be expressed as M = ϵ + r, where ϵ ∈ [−ϵ, ϵ] represents a
parameter that distorts beliefs about resources. This distortion effectively makes the model equivalent to
our proposed one, highlighting the practical challenges in resource allocation.

19It is essential to mention that µ ⊥⊥ c, indicating that the national authority’s choice is independent of the
local politician’s decision.
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1
π (τy − r). For completitude, if the politician is corrupt but covered by the national
authority or he is honest but do not supported with additional resources, the citizen would
observe an ambiguous-allocation signal (Θa(π)) = 1

π (τy).

Finally, once the politician and the national authority made their choices, the citizen
observes the public’s goods allocation (Θ), and then he decides whether to approve or not
the politician. We denote the citizen’s choice as δ ∈ {0, 1}, with δ = 1, meaning that he
decides to disapprove the politician. If the citizen approves the politician, the politician
receives his full salary (w), while if the citizen disapproves, then the politician receives a
lower salary that is equal to (w − ηw) with η ∈ (0, 1), being η the severity of the penalty in
the municipality. Finally, to disapprove of the incumbent, the citizen has to pay a fixed
cost κ ∈ R+, representing the private cost of protesting or participating in social unrest.
Figure I presents the extensive representation of the model.

[Figure I here]

II.A Agents types

II.A.1 Politician’s type

In reality, politicians exhibit a spectrum of behaviors and intentions. Some are genuinely
well-intentioned individuals who prioritize public welfare, act with integrity, and derive
intrinsic satisfaction from fulfilling their civic duties, while others receive higher benefits
from the rents extracted while being in office. To account for this, we define the politician’s
type as ϕp where ϕp ∼ U [0, ϕ̂] with ϕ̂ > r. In particular, the politician’s type represents
the intrinsic reward for doing the right thing (Martinelli, 2022) or acting with integrity, so
the politician privately observes this ‘warm-glow’ benefit. Finally, he receives this moral
reward only when he is honest (h = 1).

II.A.2 Citizen’s type

Similarly, citizens vary in their propensity to engage in political activism (Chenoweth
et al., 2022) and hold their elected officials accountable. Some are inclined to protest
and scrutinize politicians relentlessly, irrespective of the circumstances, as they derive a
high intrinsic reward from participating in political accountability mechanisms. At the
same time, others harbor skepticism regarding the efficacy of their actions in influencing
political outcomes. To account for this heterogeneity, we define the citizen’s type as αc

where αc ∼ f [0, α] with α > max{Θ(π, h, γ)}. This parameter represents the inherent
reward for political accountability or for making the disapproval against politicians salient.
Once more, the citizen observes this benefit privately, and he receives this reward only
when he disapproves of the politician’s mandate.
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II.B Payoffs

In our model, the politician derives utility from his public official salary20 (w), his own
‘warm-glow’ reward (ϕp), and the material payoff for extracting rents while in office (r).
Therefore, we can express the politician’s payoff as:

Up = w + (1 − h)r − δηw + hϕp (2)

with δηw being the monetary punishment received by the disapproval from the citizen.

On the other hand, the citizen derives utility from the public good provision (Θ) and from
his non-taxed income y(1 − τ). For simplicity, the public good valuation for each unit is
fixed at κ ∈ R+. Additionally, notice that the marginal benefit for each unit is equal to the
disapproval fixed cost, which means that opting to disapprove of the politician represents
a loss of one public good unit.21 We characterize the citizen’s payoff as:

Uc = y(1 − τ) + κΘ + δ ((αc − Θ)λ − κ) , (3)

where λ ∈ [0, 1] denotes the citizen’s posterior belief of the politician type once he observes
the signal provided by the public goods allocation (Θ). It is worth mentioning that he
updates his beliefs in a Bayesian way,22 and they are consistent with his prior beliefs of
corruption (β ∈ (0, 1)).

In general, citizens may perceive higher returns from protest when public good provision
is scarce (Almer et al., 2017; Grossman, 1991). Therefore, higher allocations of public goods
act as a reserve utility for citizens. In our model, this reserve utility is represented by
(αc − Θ), where lower allocations of public goods increase the marginal benefit of protest.
Additionally, citizens behave in a strategic manner. Therefore, the marginal benefits of
non-approval are mediated by the posterior beliefs of corruption (λ). Properly, if a citizen
believes with certainty (λ = 1) that a politician was corrupt, they would experience the
full benefit (αc − Θ) of disapproval. Conversely, if they believe with certainty that the

20While positive economic shocks may influence salaries, we assume that wages remain constant across
different settings. Economic shocks might reduce politicians’ endowments, potentially decreasing the trust
citizens place in them (Barinas-Forero, 2024), or they might increase politicians’ salaries, which could lead
to a reduction in corruption (Van Rijckeghem and Weder, 2001).

21According to Ortiz et al. (2022), social discontent can lead to the devastation of infrastructure and wealth.
Images of burning automobiles or buildings are frequently featured in media reports about protests in
nations like France, Chile, and Colombia. Consequently, it makes sense to express the cost of protests as
the loss of one unit of public goods.

22For an specific allocation of public goods, the beliefs updating process follows:

λ ≡ Pr (σ = 0|Θ(π) = Θm(π)) = Pr (Θ(π) = Θm(π)|σ = 0) × Pr (σ = 0)
Pr (Θ(π) = Θm(π))

∀ m = {h, a, l}
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politician was honest (λ = 0), they would not benefit from punishment and would only
incur the cost of protest.

Figure II summarizes the timeline of the model. The participants type (αc, ϕp), as well as
the costs for public goods π = {π, π} are exogenously determined at the beginning of the
game. Then, the politician undertakes the policy decision, the national authority randomly
decides to provide resources to the municipality, and then the public goods are shown
to the citizen. Finally, once the citizen observes the final allocation of public goods, he
decides whether to approve the politician or not, and payoffs are realized.

[Figure II here]

II.C Signaling equilibrium

Now, we define strategies, beliefs, and equilibrium for the extensive game of incomplete
information played by the citizen and the politician. The information set available for the
politician before making his policy choice is characterized by his own type and the public
good cost. Therefore, we say that a strategy for politician is a mapping σ,

σ : Ip → [0, 1] where Ip ≡ (ϕp, π) ∈ [0, 1] × {π, π},

which specifies the probability of adopting the policy decision h as a function of the
information received by the politician at the beginning of the game.

Regarding the citizen’s behavior, notice that the citizen knows the public good cost, he
observes the allocation of public goods Θ given that cost, and he knows his own intrinsic
motivation for disapproval αc. Thus, we say that a strategy for the citizen is a mapping ν,

ν : {Θh(π), Θa(π), Θl(π)} × [0, α] → [0, 1],

that goes from the set of possible public goods allocations given a specific cost and the
distribution of possible disapproval rates [0, α] to a range between [0, 1] that denotes the
probability of enforce the punishment against the politician.

Finally, we say that a belief system for the citizen is a mapping λ,

λ : {Θh, Θa, Θl} × {0, 1} → [0, 1]

that goes from the observed allocation of public goods Θ and prior beliefs β ∈ (0, 1) of
corruption to a range of updated beliefs of corruption in [0, 1].

Definition 1. (Signaling Equilibrium) A signaling bayesian equilibrium is given by

(i) a strategy for the politician (σ)

9



(ii) a strategy for the citizen (ν)
(iii) a belief system for the citizen (λ) such that: the citizen strategy (ν) is optimal given his

beliefs, the citizen beliefs are consistent with the politician strategy; this means that λ is
derived from prior beliefs (β) and the politician strategy using Bayes’ rule for every signal,
and a politician strategy (σ) that is optimal given the citizen strategy.

II.D Equilibrium analysis

Given the structure and timing of the game, in the final stage of the interaction, the
citizen observes the final allocation of public goods and updates his posterior beliefs about
corruption in a Bayesian manner. As illustrated in Figure II, the sequential nature of
the game allows the politician to forecast the strategic behavior of the citizen in the later
stage, so he could decide his optimal choice in the early stage of the game.23 Therefore, to
characterize the equilibrium, we first characterize the citizen’s optimal strategy ν and then
the politician’s optimal strategy σ.

Lemma 1. In every signal equilibrium, regardless of the cost (π), if the citizen observes a high-
allocation signal Θh, the citizen plays a strategy of no punishment.

ν(αc, Θh) = 0

Proof. See Online Appendix A.1.

From Lemma 1, we can establish that regardless of the cost, a high allocation of public
goods consistently signals an honest politician, and consequently, even citizens who
prioritize political accountability have no incentive to disapprove the incumbent. Overall,
this result aligns with the idea that citizens reward good politicians to keep them in office
and punish bad politicians to remove them from office.

Definition 2. (Cutoff strategy). A strategy ν is a cutoff strategy if there is some α∗(Θm(π)) ∈
(0, α], with m = {a, l} such that:

ν(αc, Θm(π)) =

1 if αc ≥ α∗(Θm(π))

0 if αc < α∗(Θm(π))

Lemma 2. In every signaling equilibrium, if the citizen observes an ambiguous (Θa(π)) or low
allocation signal (Θl(π)), the citizen plays a cutoff strategy following Definition 2

Proof. See Online Appendix A.2.

23We employed backward induction rationality introduced by Selten (1965).
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From Lemma 2, we say that for each possible Θm(π) there is an α∗(Θm(π)) that defines
the citizen’s strategy ν. This means that the citizen observes his private intrinsic reward
for political accountability, the construction cost, and the final allocation of public goods,
and if their intrinsic reward for disapproval is higher than α∗(Θm(π)), then he would
disapprove the politician. Moreover, as citizens receive different information about the
allocation of public goods, the cutoff may change according to the construction cost (π)
and the observed Θ.

Lemma 3. In every signaling equilibrium, π ∈ {π, π}, α∗(Θl(π)) ≤ α∗(Θa(π))

Proof. See Online Appendix A.3.

From Lemma 3, we observe that the deciding cutoff under an ambiguous allocation is
always greater than or equal to the deciding cutoff under a low allocation. Thus, to
punish under ambiguous allocations, citizens should have a higher reward for intrinsic
disapproval than citizens who punish under low allocations. Furthermore, a citizen who
punishes a politician under an ambiguous allocation—where uncertainty about corruption
exists—will also punish under a low allocation, where there is certainty that the politician
was corrupt. Overall, this characterizes the citizen’s strategy for each possible cost and
observed allocation of public goods.

Given that we have already characterized a citizen’s best strategy (ν) that follows a
consistent belief system (λ), and in order to characterize a signaling equilibrium presented
in Definition 3, it remains to characterize a politician’s optimal strategy that is consistent
with the citizen’s best strategy.

Definition 3. (Threshold strategy). A strategy σ is a threshold strategy if there is some ϕ∗(π) ≤ ϕ̂,
and for every π ∈ {π, π} such that:

σ(ϕp) =

1 if ϕp ≥ ϕ∗(π)

0 if ϕp < ϕ∗(π)

Lemma 4. In every signaling equilibrium, the politician enforces a threshold strategy following
Definition 3

Proof. See Online Appendix A.4.

From Lemma 4, we say that there is a ϕ∗(π) that defines the politician strategy σ. This
means that the politician observes his private intrinsic reward for doing the right thing
(ϕp), the construction cost, and then he compares the expected payoff of being corrupt
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versus being honest. If his intrinsic reward for acting with integrity is higher than ϕ∗(π),
he would be honest and allocate the entire budget to construct public goods.

II.E Impact of Economic Shocks over Political Corruption and Account-

ability

Regarding the impacts of positive economic shocks on political corruption and political
accountability, we first define a positive economic shock as a shift in construction costs from
a high cost (π) to a low cost (π). Moreover, these cost changes are randomly determined
and announced to citizens and politicians at the beginning of the game, so optimal cutoffs
presented in Lemma 2 and Lemma 4 may vary across construction costs. With this in mind,

Theorem 1. In a signaling equilibrium, and for all m = {a, l}, if π ≥ π, then

α∗(Θm(π)) ≥ α∗(Θm(π))

Proof. See Online Appendix A.5.

The main result of our theoretical model is that positive economic shocks, which reduce
the construction cost from π to π, decrease the willingness to punish politicians by raising
the optimal cutoff αm(Θ). This increase in the cutoff applies regardless of the observed
allocation (m), indicating a general trend toward less punishment under both low and
ambiguous allocations. Consequently, we can also derive the following straightforward
corollary:

Corollary 1. In a signaling equilibrium, and for all Θm with m = {a, l}, if π ≥ π, then

∫ α∗(Θm(π))

0
f(α) dα ≥

∫ α∗(Θm(π))

0
f(α) dα

Proof. See Online Appendix A.6.

As a direct consequence of Theorem 1, Corollary 1 demonstrates that, for a given increase
in the optimal cutoff points and a given signal α∗(Θm), a politician is more likely to face
punishment in high-cost environments compared to low-cost settings.

Figure IV visually illustrates the changes in the probability of punishment. Specifically, it
compares the initial pair of cutoffs, α∗(π) = {α∗(Θl(π)), α∗(Θa(π))} with the new pair of
cutoffs α∗(π) = {α∗(Θl(π)), α∗(Θa(π))}, following the cost reduction. The figure demon-
strates that, after the positive economic shock, individuals who were previously inclined
to punish under a low-allocation signal may no longer do so. Furthermore, those who
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were willing to punish under an ambiguous-allocation signal will now only punish un-
der a low-allocation signal, which allows some politicians to be covered by the national
authority’s choice.

[Figure IV here]

Finally, we need to examine the impact of a positive economic shock on the politician’s
marginal propensity to engage in corrupt activities.

Theorem 2. In a signaling equilibrium, if π ≥ π

ϕ∗(π) ≤ ϕ∗(π)

Proof. See Online Appendix A.7.

Referring back to Corollary 1, it is evident that a positive economic shock results in
a decreased probability of punishment for politicians. This reduction in punishment
risk intuitively lowers the costs associated with corrupt behavior, thereby enhancing the
expected benefits of engaging in such activities. As a direct consequence, the optimal
threshold point for assessing a politician’s honesty increases, which is explicitly detailed
in Theorem 2. This shift in the cutoff point reflects the heightened incentive for corruption
following the economic shock.

Corollary 2. In a signaling equilibrium with ϕ∗(π) ∈ R+, if π ≥ π

∫ ϕ∗(π)

0
U(ϕ) dϕ ≤

∫ ϕ∗(π)

0
U(ϕ) dϕ

Proof. This result follows directly from the procedure described in Online Appendix A.6,
by changing α∗(Θm(π)) to ϕ∗(π).

Finally, Corollary 2 illustrates a direct implication of Theorem 2: the likelihood of a
politician engaging in corruption is greater when construction costs are low compared to
when construction costs are high. Figure III visually demonstrates these results. Overall,
these findings underscore the significant influence of economic conditions on both corrupt
behavior and political accountability.

[Figure III here]
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III Experimental Design

Building on these theoretical results, we conducted a series of laboratory experiments
using oTree (Chen et al., 2016). The experiments involved 541 college students recruited
through the Rosario Experimental and Behavioral Economics Lab (REβEL, Greiner (2015))
at Universidad del Rosario. We collected data from 12 independent sessions, each lasting
an average of one and a half hours.

III.A Political Corruption Game (PCG)

The main activity of the experiment was a political corruption game (PCG) that recreates
our theoretical model. Participants were randomly assigned to one of two roles: politician
(P) or citizen (C), and this role remained fixed for the entire session. Each citizen received
an endowment of 100 experimental points (EP),24 while each politician had a potential
salary of 120 EP. Participants were paired with a member of the opposite role, knowing
they would interact under a perfect stranger-matching design.

Once paired, the citizen paid 40 EP in taxes, which were transferred to the politician.
The politician’s main task was deciding how much to allocate to construct public goods.
Specifically, the politician could allocate the entire budget (40 EP) or half of the budget
(20 EP) and keep the other half for himself. In this economy, public goods are crucial
because they represent additional income for the citizen. Therefore, at the beginning of the
experiment, both participants were informed that each unit of public goods constructed
would generate an additional income of 30 EP for the citizen, making higher allocations of
public goods socially preferable and making salient the public officer duty with the citizen.

In this setup, each unit of public goods has a cost. Participants knew that the construction
cost could be either 20 EP (high cost) or 10 EP (low cost), with both occurring with equal
probability. Both participants were informed about the public goods cost (πr) at the
beginning of each round, so no information asymmetry about the state of the economy
was present. After observing the public goods cost (πr), and once the politician made their
allocation decision, the computer simulated a national authority by randomly deciding
whether to allocate additional funds. If the computer allocated resources, 20 EP were
added to the construction of public goods; otherwise, only the politician’s allocation was
employed. Moreover, the computer’s choice was private, so citizens only observed the
final allocation of public goods rather than the politician’s allocation or the computer’s
contribution. It is worth mentioning that public goods were provided following Equation
(1).

24Equivalent to $8 USD. Each EP was valued at $0.08 USD. Participants received $3 USD as a show-up
fee. Citizens (Politicians) earned an average of $13.3 USD ($12.9 USD). Given that the minimum wage in
Colombia is $1.42 USD/hour, the earnings obtained are about nine times the hourly minimum wage.
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In the last part of the interaction, the citizen observed the public goods final allocation
and decided whether to reduce the politician’s salary to 80 EP25 by paying 30 EP or to
approve the politician and allow them to receive their full salary. Once the citizen made
their choice, the interaction ended, and no feedback was provided within the round.

III.A.1 Additional details

The described interaction repeats over five decision rounds.26 In each round, participants
were asked their first-order beliefs about others’ behavior. For instance, politicians were
asked to predict the citizen’s choice, and citizens were asked to predict the politician’s
policy choice. Moreover, both measures were incentive-compatible expectations given that
each participant earned 5 EP each time they predicted their partner’s decision. Finally, as
empirical expectations should be asked before receiving information on others behaviors,
Figures V display the experimental timelines for each participant.

[Figure V here]

III.A.2 Treatments

We exploit a within-subjects design across all five rounds. Given that the cost of public
goods (πr) is randomly selected by the computer at the beginning of the round and were
defined at pair level, we denote the following two states of the economy:

• High-cost environment (Control): Under this setting, the construction cost is set to
20EP. Therefore, the maximum amount of public goods that can be produced is three
and the lower amount of public goods that can be produced is one.

• Low-cost environment (Treatment): Under this setting, the construction cost is set
to 10EP. Therefore, the maximum amount of public goods that can be produced is
six and the lower amount of public goods that can be produced is two.

III.B Coordination Game (Social Norms)

Finally, the experimental subjects engage in a Krupka and Weber (2013) coordination game,
which is employed to elicit incentive-normative expectations from citizens and politicians

25Given the structure of the experiment, the utility functions under the PCG are:

Up = 120 + (1 − h)20 − δ(0.33)120 + hϕp

Uc = 100(1 − 0.4) + 30Θ + δ ((αc − Θ)λ − 30)

26Players knew that only one randomly selected round counts toward the final experimental payment.
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during the PCG.27 Each participant was required to rate the degree of social appropri-
ateness of the politician’s behavior under each possible cost. Hence, each subject must
indicate whether allocating the entire budget is extremely improper socially, somewhat
unsuitable socially, somewhat socially appropriate, or very socially appropriate. Each
subject earns 5 EP each time their normative expectation matches the expectation of the
majority of his fellows of his own same type. At the end of the activity, the participants
completed a non-incentivized final socio-demographic questionnaire and requested to fill
in information for payment. Table I presents the descriptive statistics of our sample.

[Table I here]

IV Results

In this section, we analyze the effect of economic shocks over local political corruption
and citizen’s willingness to punish local politicians. Pooling participants across all the five
rounds, we find that incumbents are corrupt 58% (SD = 0.49) of the time. In particular,
25% of the politicians were always corrupt, while 10% of them were always honest.28

Regarding political accountability, we find that citizens disapprove of politicians 14% (SD
= 0.34) of the time, with 55% of them never punishing politicians and less than 1% of them
being always punishers.29

IV.A Political Corruption
Initially, we examine the impact of a positive economic shock, defined as a randomly
occurring low cost in the construction of public goods, on local political corruption. Figure
VI illustrates the percentage of corrupt politicians across rounds, segmented by cost type.

[Figure VI here]

From Figure VI, we observe that the unconditional average corruption rate when the cost
is high is 54%, and it increases to 62% when the construction cost is low, making this
increment statistically significant at standard levels. This increase represents an almost
14% rise in the probability of engaging in corruption compared with the corruption rate
under the high cost environment.

27The coordination game was implemented at the end of the experiment, and the identity of the players
remained anonymous.

28The distribution of the number of times politicians were corrupt is presented in Figure B2 in the Online
Online Appendix.

29This is consistent with the idea of rational punishment, as citizens should not have incentives to punish
honest politicians. We present the distribution of the number of times citizens decide to punish the
politician in Figure B3 in the Online Appendix.
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IV.A.1 Regression Analysis

In order to measure causal treatment effects on political corruption, we estimate the
following model:

Corruptp,r,s = α0 + α1Costp,r + x′
pγ + Λr + ηs + εp,r,s, (4)

where Corrupti,r,s is a dummy variable that takes the value of 1 if the politician was
corrupt and 0 otherwise. Costp,r denotes our treatment, and it is a dummy variable that
takes the value of 1 if the construction cost was low and 0 if the construction cost was high.
Additionally, we include a set of controls (x′

p) that consider sociodemographic variables, a
series of round fixed effects (Λr) and session fixed effects (ηs). Considering that there is no
feedback on the experimental outcomes during the interaction, there is no reason to think
that autocorrelation within the experimental group or session occurs. Furthermore, our
participants take multiple choices across rounds, so standard errors (εp,r,s) are clustered at
participant level (Abadie et al., 2023).

[Table II here]

Table II depicts the OLS30 estimates for Equation (4). From Column (1), observe that a low
cost in producing public goods leads to a 7.6pp increase in the probability of being corrupt.
We add several controls, including the participant’s age, sex, stratum, trust measure,
preference for risk, patience measure, and whether the participant had participated in
experiments before. From Column (2), observe that the effect of a positive economic shock
is robust to the inclusion of controls and remains economically significant as it shows a
12% increase in the corruption rate compared with the control group. Lastly, Column (3)
presents the treatment effect considering the inclusion of round and session fixed effects, as
heterogeneity across rounds and sessions may occur. Observe that the average treatment
effect is robust to including these controls as it reflects a 6.3pp increase in the probability
of being corrupt (p-value = 0.019). Overall, the regression results confirm that positive
economic shocks, like exogenous reductions in public goods costs, lead to an increase in
local corruption of nearly 12%.

IV.B Citizen’s willingness to disapprove politicians

Regarding the citizens’ willingness to disapprove of politicians, we analyze the effect of
reducing the public good’s construction cost over the citizens’ disapproval rate. Figure VII
depicts the percentage of citizens who disapprove politicians across rounds, segmented
by cost type. Under high-cost environments, the disapproval rate is 15%, and once the

30The results are robust to other estimation methods. We present logit and probit estimators in Table B1 in
the Online Appendix.
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positive shock occurs, this rate decreases to 13%, although this difference is not statistically
significant.

[Figure VII here]

IV.B.1 Regression Analysis

In order to measure the causal treatment effect of economic shocks on citizen’s willingness
to punish politicians, we estimate the following model:

Punishc,r,s = α0 + α1Costc,r + x′
cγ + Λr + ηs + εc,r,s, (5)

where Punishc,r,s is a dummy variable that takes the value of 1 if the citizen disapproves
the politician and 0 otherwise. The variable Costc,r denotes our treatment. We include a set
of controls (x′

c) that consider sociodemographic variables and a series of round (Λr) and
session fixed effects (ηs). Similarly to our previous specification, standard errors (εc,r,s)
are clustered at participant level.

[Table III here]

Table III present OLS estimates for Equation (8). From Column (1), notice that the disap-
proval rate under high-cost environments is 15%. While point estimates reflect a reduction
in the likelihood of punishment, we do not find statistically significant differences across
cost environments, showing that across all rounds citizens are not willingness to punish
more when the costs are lower.

Moreover, Figure VIII depicts the average disapproval rate disaggregated by cost and the
observed allocation of public goods. Concerning the punishment rate when observing a
low-allocation signal, citizens under high-cost and low-cost settings disapprove 33% and
32% of the time (SD = 0.46), respectively. When observing an ambiguous-allocation signal,
the disapproval rate under high-cost and low-cost is 9% and 6%, respectively. Finally,
the unconditional disapproval rate under high-cost and low-cost when citizens observe a
high-allocation signal is close to 5% and 2%, respectively. (SD = 0.18). Overall, we do not
observe statistical variation across costs within public goods allocations.31

[Figure VIII here]

31We do present OLS estimates for Equation (8) disaggregated by public good allocation observed (Θ) in
Table B2 in the Online Appendix. Overall, we do not observe statistical differences across costs, and results
are consistent with results presented in Table III, showing that we can not reject the null hypothesis that
punishment is not equal across cost environments.
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IV.C The signal of politician’s quality: Public Goods (Θ)

Having established that cost does not significantly impact the willingness to punish
politicians, we evaluate the relevance of public goods’ signals in the decision to disapprove
them. To this end, we estimate the following model:

Punishc,r,s = α0 + α1Θa
c + α2Θl

c + x′
cγ + Λr + ηs + εc,r,s, (6)

where Θa
c denotes a dummy variable that takes the value of 1 if the citizen observes an

ambiguous-allocation signal, 0 otherwise. Similarly, the variable Θl
c is a dummy variable

that takes the value of 1 if the citizen observes a low-allocation signal, 0 otherwise. We
add several controls, including whether the participant’s age, sex, stratum, trust measure,
preference for risk, patience measure, experience in previous experiments, and a metric for
willingness to protest.32

[Table IV here]

Table IV presents the OLS estimates for Equation (8). Consistent with our theoretical
model, citizens disapprove politicians the less public goods they observe. From Columns
(1) to (3), we estimate the average treatment effect for the entire sample. Regression
coefficients show that while punishment is close to 4% when observing a high-allocation
signal, the disapproval rate increases 4pp when there is an ambiguous-allocation signal,
and 30pp when there is a low-allocation signal. Columns (4) to (6) depicts estimates
under a high-cost environment. As can be seen, under high-cost settings, citizens do not
punish differently politicians with high or ambiguous allocations (p-value = [0.15, 0.39,
0.39]). However, once they observe a low allocation of public goods, the disapproval
rate increase 26pp. Finally, from Columns (7) to (9) we present estimates under low-cost
environments. Oberve that the punishment pattern is similar, as disapproval rate increases
once the allocation of public goods is lower. Overall, citizens are willing to punish corrupt
politicians, even if they have to pay relatively more to do so.

V Mechanisms

Now that we have shown that economic shocks increases local political corruption, it is
left to assess the mechanisms behind this result.

32We constructed a six-item index from LAPOP questions that measure the willingness to protest on various
topics, including inequality, corruption, democracy, better salaries, and a better health system. The
distribution of these variables is depicted in Figure B4 in the Online Appendix.
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V.A Empirical expectations of punishment

The theoretical framework outlined in Section II suggests that local politicians should
expect a reduction in the likelihood of punishment following an economic shock. This
anticipated decrease in the expected disapproval rate increases the perceived benefits
of engaging in corrupt activities, potentially leading to an increase in corruption. Since
politicians first decide on policy choices and then respond to their empirical expectations,
they may engage in strategic behavior, knowing their choices affect the final allocation of
public goods. In particular, corrupt politicians may anticipate that only low or ambiguous
allocations are possible, leading to a higher expected disapproval rate.

To adequately evaluate this potential channel, we present the unconditional expected
punishment rate across policy decisions segmented by costs. Figure IX illustrates this
behavior pooled across rounds. The left panel shows that honest politicians in high-cost
environments have an expected disapproval rate of 10%, compared to 6% in low-cost
environments (p-value = 0.065). Similarly, the right panel indicates that corrupt politicians
in high-cost environments expect to be punished 33% of the time, while in low-cost
environments, they expect a reduction of -8pp (p-value = 0.04).

[Figure IX here]

V.A.1 Regression Analysis

To validate this channel, we estimate the following model:

ExpPunishh
p,r,s = β0 + β1Costp,r,s + x′

pγ + Λr + ηs + εp,r,s, (7)

where ExpPunishh
p,r,s denotes the politicians’ expectations of disapproval. Once again,

Costp,r,s denotes the public goods construction cost and captures our main treatment. We
include the same set of sociodemographic controls presented in estimation of Equation (4).
Finally, we estimate each model considering if the politician was honest (σ = 1) or corrupt
(σ = 0). The OLS estimates are depicted in Table V.

From Columns (1) to (3), we present estimates for expectations of punishment when the
politician was honest. Observe that honest politicians expect to be punished 10% of the
time, which is consistent with the uncertainty of the final allocation of public goods that
may result in an ambiguous-allocation signal. Regarding the effect of a positive economic
shock, the coefficients confirm that politicians expect a reduction of 4pp in the likelihood
of punishment.

[Table V here]

Likewise, Columns (4) to (6) present the estimates when the politician was corrupt. Notice
that the expected disapproval rate is close to 34%, and is statistically different compared to
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the disapproval rate when the politician is honest (p-value = 0.000). Finally, regarding the
effect of the positive economic shock, corrupt politicians expect a reduction of 7pp in the
punishment likelihood once the positive economic shock. Moreover, the point estimates
demonstrate significant economic implications, indicating that economic booms result in a
reduction in the expected disapproval rate ranging from -39% to -21% compared to the
control group.

V.B Heterogeneous punishment behavior across corruption beliefs

Regarding political accountability behavior, we exploit the citizen’s incentive-compatible
empirical expectations to estimate how prior beliefs of corruption affect punishment. To
this end, in Figure X, we plot the unconditional disapproval rate across the observed
final allocation of public goods segmented by prior beliefs of corruption. From Figure X,
observe that when citizens observe a low allocation of public goods and were expecting the
politician to be honest, the disapproval rate is 44% while citizens that were expecting the
politician to be corrupt disapprove 25% of the time. This represents a reduction of nearly
20pp. Additionally, when citizens observe an ambiguous allocation, prior beliefs seem to
be not relevant, as disapproval rates show minimal variation and are set to be at 8%. Lastly,
notice that when citizens observe a high allocation of public goods and were expecting
the politician to be honest, the disapproval rate is 2%, and not statistically different from
zero, while when they were expecting the politician to be honest, the disapproval rate is
5%. Although the disapproval rate seems to be higher in the latter, this difference is not
statistically significant at standard levels.33

[Figure X here]

V.B.1 Regression Analysis

Given that punishment seems to be heterogeneous across prior beliefs of corruption, and
in order to formally test this mechanism, we estimate the following model:

Punishc,r,s = α0 + α1Θa
c + α2Θl

c + α3BC + β1(Θa
c × BC) + β2(Θl

c × BC) + Λr + ηs + εc,r,s,

(8)
where BC denotes the citizen’s prior beliefs of corruption. Table VI shows results on
the heterogeneous effect of prior beliefs across observed allocations. From Column (1),
observe that prior beliefs of corruption do not increase political accountability; instead, they
diminish the disapproval rate. Moreover, while citizens tend to punish politicians when
they observe a low allocation of public goods, the disapproval rate is significantly higher
if they expect the politician to be honest (44%) vis a vis when they expect the politician

33Figure X depicts unconditional disapproval rates across allocations, costs and beliefs. Overall, we do not
find differences
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to be corrupt (25%). This behavior, rather than aligning with rational motivations for
punishment, is consistent with the finding that if citizens expect poor performance, their
willingness to punish it is low (see De la Cuesta et al., 2022).

[Table VI here]

V.C Is it cost affecting prior beliefs of corruption?

Given that prior beliefs of corruption affect the citizen’s willingness to disapprove, we then
estimate the effect of positive economic shocks over prior beliefs of corruption. Table VII
depicts OLS estimates of the average treatment effect of a low construction cost over prior
beliefs of corruption. Notice that citizens under low-cost environments expect politicians to
be 8pp less corrupt than under high-cost environments. Furthermore, point estimates show
high economic impacts as reductions in the incentive-compatible empirical expectations
are close to the 15%. This result shows that citizens do not anticipate an increase in
corruption once the shock occurs; instead, they increase their trust in politicians. Overall,
the full mechanism can be explained as follows: Given that positive economic shocks lead
to an increase in corruption, low allocations of public goods are more frequent. In this
setting, citizens trust politicians, but once they observe a low allocation, they feel betrayed,
leading to an increase in the disapproval rate.

[Table VII here]

VI Conclusions

In this study, we set out to explore the impact of economic shocks on political corruption
and citizens’ willingness to hold politicians accountable. While the literature extensively
documents the adverse effects of corruption on economic performance, less attention has
been paid to how fluctuations in the economy, particularly positive economic shocks,
influence both the prevalence of corruption and the accountability mechanisms available
to citizens. By addressing this gap, our research not only provides new insights into the
dynamics of political behavior during economic changes but also offers a foundation
for developing more effective governance strategies. We achieved this by developing a
theoretical model and empirically testing its predictions through a series of laboratory
experiments.

Our theoretical model provided key insights into the relationship between economic
shocks and political behavior. We found that during positive economic shocks, which
reduce the cost of public goods, politicians are more inclined to engage in corrupt activities.
This is primarily because they anticipate a lower likelihood of being punished by citizens,
who may perceive the overall improvement in economic conditions as a reason to overlook
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corruption. Additionally, our model suggests that such economic shocks decrease political
accountability, as measured by citizens’ willingness to disapprove of corrupt politicians.
This indicates a general trend toward less punishment and weaker enforcement of political
accountability mechanisms.

Empirically, our experiments corroborated these theoretical findings. We observed that
corruption rates were significantly higher in low-cost environments following positive
economic shocks, with corruption increasing by approximately 14 percentage points
compared to the baseline. Furthermore, in these low-cost settings, politicians anticipated a
nearly 7 percentage point reduction in the disapproval rate, contributing to the increase
in corruption. In contrast, citizens’ willingness to disapprove of politicians remained
relatively unchanged across cost settings, as they prioritized punishment based on the
observed allocation of public goods (Ferejohn, 1986). Specifically, we find that citizens
are willing to punish corrupt politicians nearly 33% of the time. These results underscore
the crucial role that economic conditions play in shaping both corrupt behavior and the
capacity of citizens to enforce accountability.

Based on these findings, we recommend that policymakers be vigilant about the potential
for increased corruption during periods of economic growth. It is crucial to strengthen
transparency and accountability mechanisms, particularly in times of economic prosperity,
to prevent the erosion of governance standards. Future research could expand on our
findings by exploring the long-term effects of economic shocks on corruption across
different contexts and by examining the role of information dissemination in mitigating
the adverse effects of economic booms on political accountability. Additionally, exploring
the interaction between various types of economic shocks and different political systems
could provide deeper insights into how to effectively combat corruption under varying
economic conditions.
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Altunbaş, Y. and J. Thornton (2012). Does financial development reduce corruption?
Economics Letters 114(2), 221–223.

Armand, A., A. Coutts, P. Vicente, and I. Vilela (2023). Measuring corruption in the field
using behavioral games. Journal of Public Economics 218(10), 47–99.

Armantier, O. and A. Boly (2011). A controlled field experiment on corruption. European
Economic Review 55(8), 1072–1082.

Bai, J., S. Jayachandran, E. J. Malesky, and B. Olken (2017). Firm growth and corruption:
Empirical evidence from vietnam. The Economic Journal 129(618), 651–677.

Banerjee, A., S. Mullainathan, and R. Hanna (2012). Corruption. Technical report, National
Bureau of economic research.

24



Banerjee, R. (2016). On the interpretation of bribery in a laboratory corruption game: moral
frames and social norms. Experimental Economics 19, 240–267.

Bardhan, P. (1997). Corruption and development: A review of issues. Journal of Economic
Literature 35(3), 1320–1346.

Barinas-Forero, A. (2024). Why should my group trust yours? collective trust and trust-
worthiness under economic shocks. Documento CEDE (29), 1–48.

Barr, A. and D. Serra (2009). The effects of externalities and framing on bribery in a petty
corruption experiment. Experimental Economics 12, 488–503.

Barro, R. J. (1973). The control of politicians: an economic model. Public choice, 19–42.

Berninghaus, S. K., S. Haller, T. Krüger, T. Neumann, S. Schosser, and B. Vogt (2013). Risk
attitude, beliefs, and information in a corruption game–an experimental analysis. Journal
of economic psychology 34, 46–60.

Bhattacharyya, S. and R. Hodler (2010). Natural resources, democracy and corruption.
European Economic Review 54(4), 608–621.

Cagala, T., U. Glogowsky, V. Grimm, and J. Rincke (2019). Public goods provision with
rent-extracting administrators. The Economic Journal 129(620), 1593–1617.

Cameron, L., A. Chaudhuri, N. Erkal, and L. Gangadharan (2009). Propensities to engage
in and punish corrupt behavior: Experimental evidence from australia, india, indonesia
and singapore. Journal of Public Economics 93(7), 843–851.

Chen, D., M. Schonger, and C. Wickens (2016). otree – an open-source platform for
laboratory, online, and field experiments. Journal of Behavioral and Experimental Finance 9,
88–97.

Chenoweth, E., B. H. Hamilton, H. Lee, N. W. Papageorge, S. P. Roll, and M. V. Zahn (2022).
Who protests, what do they protest, and why? Technical report, National Bureau of
Economic Research.
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Figures and Tables

Figure I: Extensive Representation of the Political Accountability Game
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Notes: We assume that the cost of the public goods was announced at the beginning of the game, and was set to be either π ∈ {π, π}. In
the citizen’s nodes, and in parenthesis, we present the observed allocation of public goods Θ given the construction cost. Regarding
our experimental setting, we have the following vector of public goods allocations: Hig-cost environment:

(
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Figure II: Timeline for the political corruption and accountability model

Nature Politician
National

Authority Citizen

Participants Cost of Policy Resources and Approval
types public goods choice public goods allocation choice
ϕp, αc

π h γ, Θ δ

Notes: Participant types are drawn from their corresponding distributions (ϕp ∼ U [0, ϕ̂]), (αc ∼ f [0, α]. The cost of public goods (π)
follows a Bernoulli distribution, and π ∈ {π, π}. Finally, the national authority decides to allocate additional resources (γ = 1) with a
probability of µ ∈ (0, 1).
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Figure III: Politician distribution of types (ϕ) after the economic shock.
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Notes: The figure depicts the distribution of the types (ϕp ∼ U [0, ϕ̂]) for the politician. In medium gray, the mass of politicians that are
corrupt. In light gray, the mass of politicians that are honest. In black (solid, ϕ∗(π)), we present the optimal cutoff under a high-cost
setting. In blue (dashed, ϕ∗(π)), we present the optimal cutoff under a low-cost setting.

Figure IV: Citizen distribution of types (α)
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Punish if Θ = Θl Punish if Θ = Θl

and also if Θ = Θa

α

Notes: The figure depicts the distribution of the types (αc ∼ f [0, α] for the citizen. In dark gray, the mass of citizens that are not willing
to punish. In medium gray, the mass of citizens that are willing to punish under low-allocations of public goods. In light gray, the mass of
citizens that are willing to punish under low-allocations and ambiguous-allocations of public goods. In black (solid, ϕ∗(π)), we present
the optimal cutoff under a high-cost setting. In blue (dashed, ϕ∗(π)), we present the optimal cutoff under a low-cost setting.

Figure V: Experimental Timeline in PCG across participant’s types

Computer Politician Politician Computer
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Computer Citizen Computer Citizen
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Notes: The figure illustrates the experimental timeline across different participant types. Beliefs of punishment refers to the politician’s
response to the question: "Do you think the citizen would disapprove of you?" Beliefs of corruption refers to the citizen’s response to
the question: "How many resources do you think the politician would allocate?"
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Figure VI: Politician corruption segmented by costs (π).
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Notes: The figure depicts the average corruption rate by the politician across all rounds, segmented by production costs. High cost = 20 EP.
Low cost = 10 EP. Dark lines show 95% clustered robust confidence intervals. No controls included. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1,
n.s p > 0.1. Reported significance levels come from hypothesis testing from a fully saturated linear model where the dependent
variable is the politician’s choice to be honest or corrupt and regressors are dummy variables associated with treatments.

Figure VII: Citizen punishment segmented by costs (π) .

0.150

0.133

____________________________n.s.

0%

4%

8%

12%

16%

20%

%
 o

f c
iti

ze
ns

 th
at

 d
is

ap
pr

ov
e

Treatment

High cost Low cost

Notes: The figure depicts the average disapproval rate by the citizen across all rounds, segmented by production costs. High cost = 20 EP.
Low cost = 10 EP. Dark lines show 95% clustered robust confidence intervals. No controls included. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1,
n.s p > 0.1. Reported significance levels come from hypothesis testing from a fully saturated linear model where the dependent
variable is the citizen’s choice to disapprove the incumbent and regressors are dummy variables associated with treatments.
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Figure VIII: Citizen punishment segmented by costs (π) across allocations (Θ).
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Notes: The figure depicts the average disapproval rate by the citizen across all rounds, segmented by production costs. High cost = 20 EP.
Low cost = 10 EP. Dark lines show 95% clustered robust confidence intervals. No controls included. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1,
n.s p > 0.1. Reported significance levels come from hypothesis testing from a fully saturated linear model where the dependent
variable is the citizen’s choice to disapprove of the incumbent, and regressors are dummy variables associated with treatments.

Figure IX: Politician expected punishment segmented by costs (π), and policy choice.
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Notes: The figure depicts the average expected disapproval rate by the politician across all rounds, segmented by production costs and
policy choices. High cost = 20 EP. Low cost = 10 EP. Dark lines show 95% clustered robust confidence intervals. No controls included.
∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1, n.s p > 0.1. Reported significance levels come from hypothesis testing from a fully saturated linear
model where the dependent variable is the citizen’s choice to disapprove the incumbent and regressors are dummy variables associated
with treatments.

Figure X: Citizen punishment segmented by prior beliefs (β) across allocations (Θ).
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Notes: The figure depicts the average disapproval rate by the citizen across all rounds, segmented by prior beliefs of corruption and the
final allocation of public goods. High cost = 20 EP. Low cost = 10 EP. Dark lines show 95% clustered robust confidence intervals. No
controls included. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1, n.s p > 0.1. Reported significance levels come from hypothesis testing from
a fully saturated linear model where the dependent variable is the citizen’s choice to disapprove the incumbent and regressors are
dummy variables associated with treatments.
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Table I: Descriptive Statistics

Variable N Mean Std Min Max
Panel A: Sociodemographic variables
Age 541 22.52 4.75 0 63
Gender 541 0.55 0.51 0 2
Semester 541 5.23 3.46 0 13
Stratum 541 3.10 1.00 0 6
Mother education 541 3.80 0.93 0 5
Father education 541 3.52 1.31 0 5
Self-perception of wealth (income stair) 541 5.69 1.60 1 10
Panel B: Experimental variables
Generalized Trust Measure (0: Low - 10: High) 541 4.63 2.24 0 10
Trust in his neighbors 541 2.95 0.64 1 4
Generalized Risk Measure (0: Low - 10: High) 541 6.75 1.91 0 10
Patience measure (1: Low - 5:High) 541 4.04 0.78 1 5
Guess 2/3 of the average 541 37.49 22.07 0 100
Have you participated in experiments before? 541 0.85 0.35 0 1
Panel C: Political opinions
Expect negative consequences of expressing political opinion 541 0.64 0.48 0 1
Willing to protest for better salaries 541 8.11 2.27 0 10
Willing to protest for better health 541 8.68 2.04 0 10
Willing to protest against climate change 541 7.50 2.81 0 10
Willing to protest for democracy rights 541 7.56 2.46 0 10
Willing to protest against corruption 541 7.84 2.36 0 10
Willing to protest against inequality 541 7.68 2.68 0 10
How likely is for the president to be involved in corruption? 541 6.44 2.73 0 10
How likely is for the congress to be involved in corruption? 541 8.15 1.83 0 10
How likely is for the mayor to be involved in corruption? 541 7.67 1.94 0 10
How likely is for the police to be involved in corruption? 541 8.10 1.96 0 10
How likely is for the judges to be involved in corruption? 541 6.53 2.40 0 10
Political preference (1: Right - 5: Left) 541 3.67 1.44 1 6

Notes: Self-perception of wealth: is a categorical variable that denotes the participant’s answer to the question: “Imagine a staircase with 10 steps.
People with the lowest incomes are placed on step 1 and people with the highest incomes on step 10. Where would you place your family group?".
Trust in neighbors: denotes the participant’s answer to the question: On a scale from 1 to 4, how much do you trust your neighbors?Patience measure:
denotes the participant’s answer to the question: On a scale from 1 (low) to 5 (high), how patient are you? Guess 2/3 of the average: denotes the
participant’s answer to the beauty contest of Guess 2/3 of the average. Political Preference: On a scale from 1 (right) to 5 (left), where would you place
your political preference?.Expectation of Negative Consequences: How likely is it that expressing your political opinion will result in negative
consequences?. Willingness to protest for ... : where 0 denotes "Not willing to", and 10 "Very willing to". Perception of Corruption in the ... : How
likely do you think it is that ... is involved in corruption? (Scale: 1-10).
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Table II: Politicians Corruption - Main Results

Dep Var: Politician Corruption OLS

(1) (2) (3)

Low cost (Treatment) 0.076*** 0.065** 0.063**
(0.03) (0.03) (0.03)

Constant 0.546*** 0.446** 0.421*
(0.02) (0.20) (0.22)

Mean Dep. Variable 0.55 0.55 0.55
Effect size (%) 13.9 11.9 11.5
Controls ✓ ✓
Round FE ✓
Session FE ✓

Observations 1355 1355 1355
Clusters 271 271 271
Adjusted R-squared 0.01 0.05 0.09

Notes: The set of controls included in Controls are: age, sex, stratum, trust
measure, risk measure, patience measure, and previous experience partici-
pating in experiments. The Mean Dep. Variable express the unconditional
control mean of the dependent variable. The Effect size (%) denotes the size
of the treatment effect as a percentage compared with the unconditional
mean of the control group. Standard errors clustered at individual level
presented in parenthesis. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1

Table III: Citizens disapproval rate - Main Results

Dep Var: Citizen Punishment OLS

(1) (2) (3)

Low cost (Treatment) -0.017 -0.016 -0.014
(0.018) (0.018) (0.018)

Constant 0.150*** 0.304*** 0.159
(0.016) (0.097) (0.102)

Mean Dep. Variable 0.15 0.15 0.15
Effect size (%) -11.3 -10.5 -9.0
Controls ✓ ✓
Round FE ✓
Session FE ✓

Observations 1350 1350 1350
Clusters 270 270 270
Adjusted R-squared 0.00 0.02 0.04

Notes: The set of controls included in Controls are: age, sex, stratum, trust
measure, risk measure, patience measure, and previous experience partici-
pating in experiments. The Mean Dep. Variable express the unconditional
control mean of the dependent variable. The Effect size (%) denotes the size
of the treatment effect as a percentage compared with the unconditional
mean of the control group. Standard errors clustered at individual level
presented in parenthesis. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1
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Table IV: Citizens disapproval rate across allocations (Θ), segmented by cost (π)

Dep Var: Citizen Punishment Public goods cost (π)

Full sample High cost (π) Low cost (π)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Ambiguous allocation (θa) 0.037** 0.033* 0.030* 0.034 0.025 0.023 0.044** 0.044** 0.042**
(0.02) (0.02) (0.02) (0.02) (0.02) (0.03) (0.02) (0.02) (0.02)

Low allocation (θl) 0.289*** 0.283*** 0.285*** 0.278*** 0.265*** 0.267*** 0.305*** 0.305*** 0.308***
(0.03) (0.03) (0.03) (0.04) (0.04) (0.04) (0.04) (0.04) (0.04)

Constant 0.036*** 0.219** 0.100 0.052*** 0.100 -0.068 0.017 0.367** 0.307**
(0.01) (0.11) (0.11) (0.02) (0.14) (0.14) (0.01) (0.14) (0.14)

Mean Dep. Variable 0.04 0.04 0.04 0.05 0.05 0.05 0.02 0.02 0.02
Controls ✓ ✓ ✓ ✓ ✓ ✓
Round FE ✓ ✓ ✓
Session FE ✓ ✓ ✓

Observations 1350 1350 1350 698 698 698 652 652 652
Clusters 270 270 270 263 263 263 256 256 256
Adjusted R-squared 0.12 0.14 0.16 0.11 0.12 0.15 0.14 0.17 0.20

p-value H0: θa = θl 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000

Notes: The set of controls included in Controls are: age, sex, stratum, trust measure, risk measure, patience measure, and previous experience
participating in experiments. The Mean Dep. Variable express the unconditional control mean of the dependent variable. The p-value H0 : θa = θl

denotes the statistical test of differences across allocations. Standard errors clustered at individual level presented in parenthesis. ∗∗∗p < 0.01,∗∗ p <
0.05,∗ p < 0.1

Table V: Politicians expected punishment across cost (π), segmented by policy choice.

Dep Var: Belief of punishment Politician’s decision (σ)

Honest Corrupt

(1) (2) (3) (4) (5) (6)

Low cost (Treatment) -0.040* -0.042* -0.042* -0.076** -0.075** -0.072**
(0.02) (0.02) (0.02) (0.03) (0.03) (0.03)

Constant 0.101*** 0.404** 0.427** 0.337*** 0.397** 0.447**
(0.02) (0.17) (0.18) (0.03) (0.20) (0.22)

Mean Dep. Variable 0.10 0.10 0.10 0.34 0.34 0.34
Effect size (%) -39.7 -42.0 -41.5 -22.7 -22.4 -21.3
Controls ✓ ✓ ✓ ✓
Round FE ✓ ✓
Session FE ✓ ✓

Observations 565 565 565 790 790 790
Clusters 203 203 203 242 242 242
Adjusted R-squared 0.01 0.08 0.12 0.01 0.02 0.06

Notes: The set of controls included in Controls are: age, sex, stratum, trust measure, risk measure, patience
measure, and previous experience participating in experiments. The Mean Dep. Variable express the uncondi-
tional control mean of the dependent variable. The Effect size (%) denotes the size of the treatment effect as
a percentage compared with the unconditional mean of the control group. Standard errors clustered at the
individual level are presented in parentheses. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1
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Table VI: Citizens disapproval rate across allocations, by prior beliefs of corruption (β)

Dep Var: Citizen punishment OLS

(1) (2) (3) (4)

Ambiguous allocation (θa) 0.038** 0.055** 0.048** 0.044**
(0.02) (0.02) (0.02) (0.02)

Low allocation (θl) 0.293*** 0.415*** 0.403*** 0.399***
(0.03) (0.04) (0.04) (0.04)

Belief Corrupt -0.055*** 0.027 0.025 0.030
(0.02) (0.02) (0.02) (0.02)

Ambiguous allocation (θa) × Belief Corrupt -0.035 -0.033 -0.032
(0.03) (0.03) (0.03)

Low allocation (θl) × Belief Corrupt -0.218*** -0.213*** -0.205***
(0.05) (0.05) (0.05)

Constant 0.065*** 0.023* 0.120 -0.003
(0.01) (0.01) (0.10) (0.11)

Mean Dep. Variable 0.04 0.04 0.04 0.04
Controls ✓ ✓
Round FE ✓
Session FE ✓

Observations 1350 1350 1350 1350
Clusters 270 270 270 270
Adjusted R-squared 0.13 0.14 0.16 0.18

p-value H0: θa = θl 0.000 0.000 0.000 0.000

Notes: The set of controls included in Controls are: age, sex, stratum, trust measure, risk measure, patience
measure and previous experience participating in experiments. The Mean Dep. Variable express the uncon-
ditional control mean of the dependent variable. The p-value H0 : θa = θl denotes the statistical test of
differences across allocations. Standard errors clustered at the individual level are presented in parentheses.
∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1

Table VII: Citizens prior beliefs of corruption across cost (π)

Dep Var: Belief of corruption Prior beliefs (β)

(1) (2) (3)

Low cost (Treatment) -0.092*** -0.091*** -0.085***
(0.03) (0.03) (0.03)

Constant 0.592*** 0.311** 0.234
(0.02) (0.15) (0.15)

Mean Dep. Variable 0.59 0.59 0.59
Effect size (%) -15.5 -15.4 -14.3
Controls ✓ ✓
Round FE ✓
Session FE ✓

Observations 1350 1350 1350
Clusters 270 270 270
Adjusted R-squared 0.01 0.04 0.08

Notes: The set of controls included in Controls are: age, sex, stratum, trust
measure, risk measure, patience measure and previous experience participat-
ing in experiments. The Mean Dep. Variable express the unconditional control
mean of the dependent variable. The Effect size (%) denotes the size of the
treatment effect as a percentage compared with the unconditional mean of the
control group. Standard errors clustered at the individual level are presented
in parentheses. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1
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Politicians’ Corruption and Citizens’ Willingness to
Punish under Economic Shocks: A Lab Experiment

Andres Barinas-Forero Carlos Scartascini

August 22, 2024

A Proofs

A.1 Proof Lemma 1
Proof. Under a high-allocation Θh, the citizen updates his posterior beliefs of corruption
following,

λ ≡ Pr
(
σ = 0|Θ(π) = Θh(π)

)
=

Pr
(
Θ(π) = Θh(π)|σ = 0

)
× Pr (σ = 0)

Pr (Θ(π) = Θh(π)) (A1)

From Figure I, observe that a higher allocation of public goods only is possible if the
politician is honest. Therefore, Pr(Θ(π) = Θh(π)|σ = 0) = 0. Updating (λ) following
Equation (A1), we find that λ = 0. Under this signal, the optimization payoff presented in
Equation (3) can be expressed as:

max
δ∈{0,1}

y(1 − τ) + κΘh(π) + δ(−κ).

Finally, notice that any strategy ν > 0 results in a lower material payoff. Intuitively, this
occurs because under a high allocation signal, the citizen has no reasons to protest, as
the politician was honest. Therefore, under this signal, and regardless of the cost (π), the
citizen plays:

ν(Θh(π)) = 0 ∀ αc ∈ [0, α]

A.2 Proof Lemma 2
Proof. Under a low-allocation Θl, the citizen updates his posterior beliefs of corruption
following Equation (A1). Once again, from Figure I notice that a low-allocation of public
goods is only possible if the politician was corrupt. Moreover, the updating process of
beliefs (λ) results in the following: λ = (1−µ)×β

(1−µ)(β) = 1. Under this signal, and with the
updated beliefs, the optimization problem for the citizen can be written as:

max
δ∈{0,1}

y(1 − τ) + κΘl(π) + δ
(
(αc − Θl(π)) − κ

)

1



Intuitively, the citizen optimizes by choosing a mixed strategy ν that maximizes her
payoff, which depends entirely from:

(
(αc − Θl(π)) − κ

)
. From Section II, recall that

Θl(π) =
(

τy − r

π

)
. Rearranging terms, we find the optimal strategy under a low-allocation

signal is:

ν(αc, Θl(π)) =


1 if αc ≥ κ +

(
τy − r

π

)

0 if αc < κ +
(

τy − r

π

) (A2)

Moreover, regarding the optimal cutoff under a low-allocation signal, we find that:

α∗(Θl(π)) =
{

κ +
(

τy − r

π

)}
∈ (0, α]

Following the same logic, under an ambiguous-allocation Θa, the updating beliefs process
results in: λ = µβ

µβ+(1−β)(1−µ) . Under this signal, the optimization problem for the citizen
can be expressed as:

max
δ∈{0,1}

y(1 − τ) + κΘa(π) + δ

(
(αc − Θa(π))

(
µβ

µβ + (1 − β)(1 − µ)

)
− κ

)

Similarly, the citizen chooses a mixed strategy ν that maximizes her payoff, which depends

on:
(
(αc − Θa(π))

(
µβ

µβ+(1−β)(1−µ)

)
− κ

)
. Given that Θa(π) =

(
τy

π

)
, and rearranging terms,

the optimal strategy under an ambiguous-allocation signal is:

ν(αc, Θa(π)) =


1 if αc ≥ κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

)

0 if αc < κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

) (A3)

Moreover, regarding the optimal cutoff under an ambiguous allocation signal, we find
that:

α∗(Θa(π)) =
{

κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

)}
∈ (0, α]

Given that cutoff points determine the citizen’s optimal strategy under both signals and
regardless of the cost, this proves the lemma.
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A.3 Proof Lemma 3
Proof. Employing Lemma 2, and focusing on a particular π = {π, π} without loss of
generality, we can define the citizen’s set of optimal cutoffs

α∗(Θl, Θa) =
(

κ +
(

τy − r

π

)
, κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

))

Therefore, we compared these cutoffs following:

κ +
(

τy − r

π

)
︸ ︷︷ ︸

α∗(Θl)

< κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

)
︸ ︷︷ ︸

α∗(Θa)

Rearranging terms,

κ −
(

r

π

)
< κ

(
µβ + (1 − β)(1 − µ)

µβ

)

Given that κ ∈ R+, it is possible to rewrite this last expression as:

1 −
(

r

κπ

)
<

(
µβ + (1 − β)(1 − µ)

µβ

)

Simplifying, we obtain

1 −
(

r

κπ

)
< 1 +

(
(1 − β)(1 − µ)

µβ

)

Given that r ∈ (0, τy), κ ∈ R+, and π ∈ {π, π} ⊂ R+, the expression
(

r
κπ

)
is always posi-

tive. On the other hand, given that µ ∈ (0, 1), and β ∈ (0, 1), the expression
(

µβ+(1−β)(1−µ)
µβ

)
is always positive.

Therefore, the expression

1 −
(

r

κπ

)
︸ ︷︷ ︸
Positive

< 1 +
(

(1 − β)(1 − µ)
µβ

)
︸ ︷︷ ︸

Positive

,

is always true. This completes the proof.

A.4 Proof Lemma 4
Proof. The politician may contemplate a strategy (σ) that aligns with the citizen’s strategy ν

and the citizen’s updated beliefs λ, forming an equilibrium. Hence, once the public good’s
costs are defined, he compares the expected payoff of each possible action, considering the
citizens’ behavior, and chooses the highest.

Strategy 1: Expected payoff of being Corrupt

3



If the politician chooses to be corrupt, there is a probability (µ) that the national authority
covers his decision perfectly (γ = 1), resulting in the citizen observing an ambiguous
allocation signal Θa. In this case, the citizen will punish the politician if Equation (A3)
holds. Conversely, with a probability of (1 − µ), the national authority does not provide
resources (γ = 0), leading the citizen to observe a low allocation signal Θl, and the citizen
will punish if Equation (A2) holds. Therefore, the expected payoff for being corrupt (h = 0)
is defined as

E [Up|h = 0, π] = w + r − µ [P (αc > α∗(Θa(π))) (ηw)] − (1 − µ)
[
P
(
αc > α∗(Θl(π))

)
(ηw)

]

Given that αc ∼ f [0, α], we can rewrite this expression as

w + r − µ

(
1 −

∫ α∗(Θa(π))

0
f(α) dα

)
(ηw) − (1 − µ)

(
1 −

∫ α∗(Θl(π))

0
f(α) dα

)
(ηw) (A4)

Strategy 2: Expected payoff of being Honest

If the politician decides to be honest, he knows that with probability (µ), the national
authority provides additional resources (γ = 1), and the citizen observes a high allocation
signal Θh. From lemma 1, we know that under this signal the citizen will never punish
the politician. On the other hand, with probability (1 − µ), the national authority does
not provide resources (γ = 0), and the citizen observes an ambiguous signal Θa of public
goods. Again, under an ambiguous signal, the citizen will disapprove if Equation (A3)
holds. Therefore, the expected payoff of being honest (h = 1) is defined as

E[Up|h = 1, π] = w + ϕp − (1 − µ) [P (αc > α∗(Θa(π))) (ηw)]

Rewriting this expression, we obtain

E[Up|h = 1, π] = w + ϕp − (1 − µ)
(

1 −
∫ α∗(Θl(π))

0
f(α) dα

)
(ηw) (A5)

In order to find an optimal strategy (σ), the politician considers both expected payoffs and
chooses the one that maximizes his utility. Under both scenarios, the politician receives
his salary (w) and also faces the possibility of punishment under an ambiguous signal.
Therefore, he compares the expected utility of being honest over being corrupt, given a
particular public goods price (π). This comparison can be expressed as,

4



ϕp − (1 − µ)
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
(ηw)︸ ︷︷ ︸

Being honest

≥

r − µ

(
1 −

∫ α∗(Θa(π))

0
f(α) dα

)
(ηw) − (1 − µ)

(
1 −

∫ α∗(Θl(π))

0
f(α) dα

)
(ηw)︸ ︷︷ ︸

Being corrupt

(A6)

Factorizing, we obtain

ϕp ≥ r + (1 − 2µ)
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
− (1 − µ)

(
1 −

∫ α∗(Θl(π))

0
f(α) dα

)

Therefore,

ϕ∗(π) = r + (1 − 2µ)
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
− (1 − µ)

(
1 −

∫ α∗(Θl(π))

0
f(α) dα

)
(A7)

Finally, only rests to prove that ϕ∗(π) < ϕ̂. First, given that µ ∈ (0, 1) behaves in a
monotonically manner, we can focus on the extreme value cases of µ.

Case 1: limµ→0

ϕ∗(π) = r +
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
−
(

1 −
∫ α∗(Θl(π))

0
f(α) dα

)

From Lemma 3, it follows that
∫ α∗(Θl(π))
0 f(α) dα ≤

∫ α∗(Θa(π))
0 f(α) dα, and given that r < ϕ̂,

we obtain

ϕ∗(π) = r +
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
−
(

1 −
∫ α∗(Θl(π))

0
f(α) dα

)
< r < ϕ̂

So, when limµ→0,
ϕ∗(π) < ϕ̂

Case 2: limµ→1

ϕ∗(π) = r −
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)

Given that α∗(Θa(π)) > 0, we obtain

ϕ∗(π) = r −
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
< r < ϕ̂

So, when limµ→1,
ϕ∗(π) < ϕ̂

5



This completes the proof.

A.5 Proof Theorem 1
Proof. Case 1: (Low allocation):

α∗(Θl(π)) = κ +
(

τy − r

π

)

Derivative with respect to π:

d

dπ
α∗(Θl(π)) = d

dπ

(
κ + τy − r

π

)
= −τy − r

π2

Since τy − r is a positive constant and π2 is always positive, −τy−r
π2 is negative. Therefore,

α∗(Θl(π)) is a decreasing function of π. Since α∗(Θl(π)) decreases as π increases, it follows
that:

α∗(Θl(π)) ≤ α∗(Θl(π))

whenever π ≥ π.

Case 2: (Ambiguous allocation):

α∗(Θa(π)) = κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+
(

τy

π

)

Derivative with respect to π:

d

dπ
α∗(Θa(π)) = d

dπ

(
κ

(
µβ + (1 − β)(1 − µ)

µβ

)
+ τy

π

)
= −τy

π2

Since τy is a positive constant and π2 is always positive, − τy
π2 is negative. Therefore,

α∗(Θa(π)) is a decreasing function of π. Since α∗(Θa(π)) decreases as π increases, it follows
that:

α∗(Θa(π)) ≤ α∗(Θa(π))

whenever π ≥ π. This completes the proof of Theorem 1.

A.6 Proof Corollary 1
Proof. From Theorem 1, α∗(Θm(π)) ≥ α∗(Θm(π)), then rearranging terms,

∫ α∗(Θm(π))

0
f(α) dα +

∫ α∗(Θm(π))

α∗(Θ)m(π)
f(α) dα ≥

∫ α∗(Θm(π))

0
f(α) dα
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∫ α∗(Θm(π))

α∗(Θ)m(π)
f(α) dα ≥ 0

This completes the proof of Corollary 1.

A.7 Proof Theorem 2
Proof. From Equation (A7), we have that

ϕ∗(π) = r + (1 − 2µ)
(

1 −
∫ α∗(Θa(π))

0
f(α) dα

)
− (1 − µ)

(
1 −

∫ α∗(Θl(π))

0
f(α) dα

)

From Corollary 1, we can readily see that

(
1 −

∫ α∗(Θm(π))

0
f(α) dα

)
≤
(

1 −
∫ α∗(Θm(π))

0
f(α) dα

)
∀m = {a, l}

Then, it follows that
ϕ∗(π) ≤ ϕ∗(π)

7



B Additional Figures and Tables

Table B1: Politicians Corruption - Logit and Probit Estimates

Dep Var: Politician Corruption Logit Probit

(1) (2) (3) (4) (1) (2) (3) (4)

Low cost (Treatment) 0.313*** 0.280** 0.284** 0.436*** 0.195*** 0.171** 0.173** 0.264***
(0.11) (0.12) (0.12) (0.14) (0.07) (0.07) (0.07) (0.08)

Corrupt - round before 0.755*** 0.465***
(0.18) (0.11)

Constant 0.186* -0.218 -0.839 -0.790 0.116* -0.145 -0.537 -0.517
(0.10) (0.87) (1.00) (0.88) (0.06) (0.53) (0.60) (0.53)

Controls ✓ ✓ ✓ ✓ ✓ ✓
Round FE ✓ ✓ ✓ ✓
Session FE ✓ ✓ ✓ ✓

Observations 1355 1355 1355 1084 1355 1355 1355 1084
Clusters 271 271 271 271 271 271 271 271
Pseudo R-squared 0.00 0.04 0.07 0.09 0.00 0.04 0.07 0.09

Notes: The set of controls included in Controls are: age, sex, stratum, trust measure, risk measure, patience measure and previous
experience participating in experiments. The Mean Dep. Variable express the unconditional control mean of the dependent variable.
The Effect size (%) denotes the size of the treatment effect as a percentage compared with the unconditional mean of the control group.
Standard errors clustered at individual level presented in parenthesis. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1

Table B2: Citizens disapproval rate - Main Results

Dep Var: Citizen Punishment Public goods cost (π)

Low allocation (θl) Ambiguous allocation (θa) High allocation (θh)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Low cost (Treatment) -0.008 -0.009 -0.009 -0.026 -0.022 -0.023 -0.035 -0.031 -0.033
(0.044) (0.045) (0.045) (0.019) (0.019) (0.019) (0.021) (0.020) (0.022)

Constant 0.330*** 0.546** 0.138 0.086*** -0.038 -0.068 0.052*** 0.046 0.004
(0.036) (0.222) (0.259) (0.017) (0.106) (0.103) (0.018) (0.104) (0.112)

Mean Dep. Variable 0.33 0.33 0.33 0.09 0.09 0.09 0.05 0.05 0.05
Effect size (%) -2.5 -2.6 -2.8 -29.8 -25.5 -26.3 -67.4 -59.5 -63.9
Controls ✓ ✓ ✓ ✓ ✓ ✓
Round FE ✓ ✓ ✓
Session FE ✓ ✓ ✓

Observations 408 408 408 668 668 668 274 274 274
Clusters 227 227 227 263 263 263 180 180 180
Adjusted R-squared 0.00 0.03 0.10 0.00 0.05 0.08 0.01 0.06 0.11

Notes: The set of controls included in Controls are: age, sex, stratum, trust measure, risk measure, patience measure and previous experience
participating in experiments. The Mean Dep. Variable express the unconditional control mean of the dependent variable. The Effect size (%)
denotes the size of the treatment effect as a percentage compared with the unconditional mean of the control group. Standard errors clustered
at individual level presented in parenthesis. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1
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Figure B1: Citizen Punishment in the Corruption Game
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Notes: The figure depicts the average disapproval rate by the citizen across all rounds, segmented by prior beliefs of corruption and the final allocation of public goods. High cost = 20 EP. Low cost = 10
EP. Dark lines show 95% clustered robust confidence intervals. No controls included. ∗∗∗p < 0.01,∗∗ p < 0.05,∗ p < 0.1, n.s p > 0.1. Reported significance levels come from hypothesis testing from a
fully saturated linear model where the dependent variable is the citizen’s choice to disapprove the incumbent and regressors are dummy variables associated with treatments.
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Figure B2: Distribution of total corruption in the Political Corruption Game (PCG)

0

5

10

15

20

25

30

Pe
rc

en
ta

ge
 %

 Always
 Honest

1 2 3 4  Always
 Corrupt

N° of rounds that was corrupt

Notes: The figure illustrates the percentage distribution of the number of rounds in which politicians were corrupt during the game. The
histogram represents different categories of corruption behavior, ranging from "Always Honest" (0 rounds of corruption) to "Always
Corrupt" (5 rounds of corruption).

Figure B3: Distribution of total punishment in the Political Corruption Game (PCG)
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Notes: The figure illustrates the percentage distribution of the number of rounds in which citizens disapprove politicians during the
game. The histogram represents different categories of political accountability behavior, ranging from "Never punish" (0 rounds of
disapproval) to "Always punish" (5 rounds of political disapproval).
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Figure B4: Citizen Punishment in the Corruption Game
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Notes: The figure illustrates the willingness of citizens (in gray) and politicians (in red) to protest for various causes, including better salaries, health, climate change, democracy rights, corruption, and
inequality. The histogram represent the willingness to protest, scored from 0 to 10.
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Figure B5: Citizen Punishment in the Corruption Game
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Notes: The figure depicts the average disapproval rate by the citizen across rounds. High cost = 20 EP. Low cost = 10 EP.
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C Experimental Screen Instructions

C.1 Original instructions in Spanish

Figure E1: General instructions
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Figure E2: Informed Consent

Figure E3: Welcome
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Figure E4: Initial Instructions

Figure E5: Instructions - 1
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Figure E6: Instructions - 2

Figure E7: Round stages
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Figure E8: Round stages - 2

Figure E9: Payment
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Figure E10: Control Question A - 1
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Figure E11: Control Question A - 2
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Figure E12: Control Question B - 1
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Figure E13: Control Question B - 2

Figure E14: General instructions
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Figure E15: Politician’s Decision
Cost (π) = 20 EP

Figure E16: Politician’s Belief of Punishment
Cost (π) = 20 EP
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Figure E17: Citizen’s Belief of Corruption
Cost (π) = 20 EP
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Figure E18: Citizen’s Decision
Cost (π) = 20 EP
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Figure E19: End of the round

Figure E20: New round screen

25



Figure E21: Citizen’s Social Norms Screen

Figure E22: Politician’s Social Norms Screen
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Figure E23: Final Results

Figure E24: Final Results - 2
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Figure E25: Questionnaire
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